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Abstract 

Using comprehensive proprietary loan-level data, we analyze the borrowing and defaults of local 

governments in China. Contrary to conventional wisdom, policy bank loans to local governments 

have significantly lower default rates than commercial bank loans with similar characteristics. 

Policy bank loans are relatively more important for local politician’s career advancement. 

Distressed local governments often strategically choose to default on loans from commercial banks. 

This selection is more pronounced after the abrupt ending of the “four trillion” stimulus when 

China started tightening local government borrowing. Our findings shed light on potential 

approach to hardening budget constraint for local government. 
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1. Introduction 

Government debt has been growing rapidly and become a serious issue in many countries, 

including those largest ones. A surging example is China, the second largest economy worldwide. 

Although the central government of China has considerable reserve and little debt (Bolton and 

Huang (2016)), many local governments have a soft budget constraint (see, e.g., Qian and Roland 

(1998)) and are highly indebted after heavy borrowing in recent years. This leads to a growing 

concern about default of local governments in China. Moody’s downgraded China’s sovereign 

credit ratings in May 2017 for the first time since 1989. While there is much public discussion and 

commentary on local government default risk in China, detailed empirical analysis is scarce due 

mainly to the fact that all local government debts were off-balance sheet until 2015.1 

In this study, we use a proprietary, comprehensive loan-level dataset collected by the China 

Banking Regulatory Commission (CBRC) to identify individual off–balance sheet loans to local 

governments and then examine their issuance and default patterns.2 We uncover a considerable 

number of local government loan defaults and find that policy bank loan default rates are 

significantly lower than those of commercial bank loans.3 This pattern is due mostly to the choice 

of distressed local governments to default on commercial banks first. Local politicians avoid 

defaulting on policy banks as their career advancements depend on the financial continuation from 

policy banks which fund most projects of local governments.   

The finding of lower default rates for policy bank loans is against conventional wisdom and 

new to the literature. Policy banks often have difficulties in enforcing loan payments due to soft 

budget constraint problem (e.g., Kornai (1980, 1986), Dewatripont and Maskin (1995), Qian and 

Roland (1998)), potentially leading to poor performance of development finance. Several methods 

have been proposed to harden budget constraint such as privatization and tightening financial 

                                                            
1  There is substantial confusion on the total amount of local government debt in China: “In many countries, 

governments struggle to contain their debt. In China, the authorities struggle even to count it”, as reported by the 

Economist on January 4, 2014 (“Counting Ghost: China Opens the Books of Its Big-Spending Local Governments”).  
2 Bank loan is the dominant financing source to local governments during our sample period 2007-2013 (see National 

Audit Report 2013). Besides bank loans, local government financing vehicles also issue bonds, especially after 2009 

(see Ang, Bai, and Zhou (2016)) and, to a lesser extent, tap into shadow banking by using entrusted loans or issue 

wealth management products via trusts (Allen, Qian, Tu, and Yu (2015)). See Jiang (2015) for an overview on shadow 

banking in China. 
3 We define default as failing to make interest or principal payments 90 days past due days. We also use other 

definitions of loan default in our empirical analysis. Note that bankruptcies are rarely filed in China. 

http://www.economist.com/news/china/21592628-china-opens-books-its-big-spending-local-governments-counting-ghosts
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disciplines.4 For example, Dewatripont and Maskin (1995) argue that decentralization of credit 

could harden budget constraint since bargaining among banks makes refinancing less profitable 

and the liquidation of low-quality projects more likely. In this paper, we document a novel 

mechanism to harden budget constraint: disciplining the local government borrowers through 

politicians’ career concerns. 

An insurmountable challenge for studying local government debt in China has been reliable 

data. The 1994 Budget Law of China prohibited direct borrowing of local governments. To 

circumvent this restriction, local governments set up their financing vehicles (LGFVs), which are 

indistinguishable from typical local state-owned enterprises (SOEs) in their legal forms. Those 

LGFVs can legitimately borrow from banks (and later from other sources as well) and pass on the 

proceeds to local governments in creative ways. Consequently, the debt would not show up on 

local government balance sheet. The banking authorities in China have been vigilant on LGFVs 

and compiled the list of LGFVs. Based on CBRC loan-level data, we are able to identify these 

LGFVs among borrowers and these off-balance sheet loans from 2007 to 2013. 

We first analyze the performance of LGFV loans in terms of 90-day delinquency at bank, loan, 

and borrower level for each month. The China Development Bank and major commercial banks 

are the main lenders to local government. We find that the overall LGFV default rate is 1.7% 

among all loans matured in our sample period. However, there is substantial variation across 

lenders: The default rate is 1.8% for commercial bank loans but only 0.3% for loans from the CDB. 

The lower default rate for policy bank loans prevails when we perform multivariate regressions 

and control for loan, LGFV, and local government characteristics, as well as firm×year fixed 

effects. Our finding of better development bank performance is beyond some of the obvious 

explanations. In practice, there is no differential seniority of loans in China and cross-defaults are 

not implemented. CDB loans are not more legally senior than commercial bank loans. Moreover, 

by controlling for firm×year fixed effects, we eliminate the demand shocks at the firm-year level 

and the variation we explore is within firm-year and across different banks. This excludes the 

explanation that the CDB might be able to choose better borrowers with lower default risks. In 

other words, the differences in default rates are from the same LGFV and in the same year (hence 

                                                            
4 See, for example, Kornai (2001), Rodden, Eskeland and Litvack (2003), and Kornai, Maskin and Roland (2003) for 

survey on the literature of soft budget constraint. 
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same risk for investment projects) but across different banks. Furthermore, we also use propensity 

score to match loans with similar characteristics and still find that CDB loans outperform 

commercial loans. We also show that development banks do not always outperform commercial 

banks in China. In fact, their performance is indistinguishable when lending to non-LGFVs. This 

suggests that local government plays a role in low default rates of development bank loans. 

We next scrutinize the institutional feature of China to understand how and why the CDB has 

achieved better lending outcome than commercial banks in the area of local government debt. We 

find that local governments facing financial distress tend to selectively default on commercial bank 

loans rather than policy bank loans. Specifically, for each defaulted loan, we identify all loans with 

the same due time as this defaulted loan under the same local government borrower in the sample. 

We find that default rate is significantly greater for commercial loans than for CDB loans within 

this group of local government borrowers. Overall, for LGFVs that have already defaulted on their 

commercial bank loans, they paid off 97.7% of CDB loans that have the same due time as their 

defaulted commercial loans. This selective default strategy of local governments suggests that the 

CDB effectively has payment priority over commercial banks, explaining the lower default rate of 

CDB loans. Different from commercial banks, the CDB is a repeated lender of almost all local 

governments and provides approximately 50% of LGFV bank loans in China. This makes the CDB 

strategically more important and more valuable to local government borrowers than commercial 

banks. The value of relationship banking and future financial continuation can be demonstrated by 

this borrower’s choice of loan repayment and default.  

We also find that banks significantly reduce their lending to those local governments that 

defaulted on their loans. Notably, the punishment on defaults is more pronounced from the CDB 

than commercial banks. This suggests that there are more severe consequences from defaulting on 

CDB which funds most local projects and decides on the continuation of future funding. Such loan 

structure and CDB enforcement can exert pressure on local politicians. It is well documented that, 

in China, politician promotion, especially for city-level politicians, is largely dependent on local 

GDP growth (e.g., Li and Zhou (2005); Ru (2017)), which in turn is fueled largely by debt 

financing. Thus, local government officials have strong incentives to maintain good relationships 

with the CDB in order to increase their chance of promotion. This explains the selective default 

behavior of local governments. 
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We exploit two policy shocks to establish the causal link between the value of financial 

continuation and loan repayments and further demonstrate CDB’s importance for LGFVs’ funding. 

A milestone for the development of local government debt in China is the “four-trillion” stimulus 

package initiated in November 2008. Before this stimulus package, the CDB was the main long-

term financing source of LGFVs. We find that during the stimulus period, commercial banks 

increased their lending significantly to LGFVs more than the CDB. Moreover, during this stimulus 

package, the local governments do fewer selective defaults as the CDB has significantly less 

priority to get paid. This suggests that when LGFVs have better access to overall bank credit, they 

value the relationship with the CDB less. The second shock is the sudden pull-back of the four-

trillion stimulus package for LGFVs in June 2010, when the State Council of China announced to 

withdraw the lending to LGFVs. We find that, after June 2010, commercial banks all cut lending 

to local governments whereby CDB became an even more prominent lender to LGFVs. After this 

sudden pull back of commercial banks, local governments resumed the selective defaults to repay 

CDB loans first. The results from these two shocks demonstrate that local governments prefer to 

pay back the CDB in order to maintain the relationship and borrow more from the CDB in the 

future, especially when the CDB becomes a more important financing source.  

This study contributes to the literature in the following ways. First, we document a novel 

phenomenon that policy bank loans outperform commercial bank loans when future financing is 

at stake. Many governments have actively intervened in banking and financial markets through 

history including the 2008 financial crisis (see Brunnermeier, Sockin, and Xiong (2017) for the 

discussion on Chinese case). Development financial institutions (DFIs) have been growing rapidly 

across the globe since 2008. Surprisingly, in recent years, the loan performance of DFIs (e.g., 

development banks) is much better than non-DFIs (e.g., private commercial banks) for many 

countries.5 This contradicts the conventional wisdom that policy banks suffer from soft budget 

constraint and are handicapped by investing in negative NPV projects with positive externalities 

(e.g., Stiglitz (1993)). The selective default behavior documented in this paper and the career 

concerns behind it provide a novel mechanism for the hardening of local government budget 

                                                            
5 According to a survey on 90 national development banks in 61 countries conducted by the World Bank and the 

World Federation of Development Financial Institutions, the development banks have $2.01 trillion in total assets 

(around 3.5% of the world GDP) as of 2009. Figure 6 shows that from 2011 to 2015, nonperforming loan ratio of DFIs 

is much lower than NPL ratio of non-DFIs across the globe. 
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constraint. Our findings also help understand the rising trend of development financing in many 

countries across the globe. 

Second, this study uses a unique setting to demonstrate the continuation value of banking 

relationships for borrowers. The literature has focused mostly on the added value of relationship 

bank loans for borrowers (e.g., Boot, Greenbaum, and Thakor (1993), Petersen and Rajan (1994), 

Berger and Udell (1995)), with the exception of Schiantarelli, Stacchini, and Strahan (2016), little 

work has been done on how borrowers change their debt repayment strategies when the 

continuation value of banking relationships changes. Bankruptcies are poorly enforced in China 

and cross-defaults are not implemented, we exploit this setting to show the benefits for politicians 

from maintaining good relationships with important lenders, as the local government officials 

obtain promotions by raising debt. This complements prior studies on the political economy of 

banking such as Sapienza (2004), Khwaja and Mian (2005), Dinc (2005), and Carvalho (2014). 

Third, together with contemporaneous work by Ang, Bai and Zhou (2016), Chen, He, and Liu 

(2017), we provide first academic evidence on China’s local government indebtedness.6 After 

decades of fast economic growth, China has become the second largest economy in the world and 

contributes to approximately one-third of global GDP growth. Whereby, the risks on China’s 

economy spikes in recent years, especially for local government debt. However, before this paper, 

there were no comprehensive studies on it. We provide a loan-level detailed overview on the off-

balance sheet debt of local governments in China. It is the first step towards understanding the 

local government debt in China and its implications.  

The rest of this paper is organized as follows. We first describe the historical accounts and 

institutional background of local government debt and bank lending in China in Section 2. We 

then present our data and summary statistics in Section 3. Section 4 provides the empirical results 

regarding loan delinquency rates. Section 5 concludes. 

 

 

                                                            
6 A related growing literature is on the recent shadow banking activities in China (e.g., Hachem and Song (2017), 

Acharya, Qian and Yang (2016)). 
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2. Institutional Background 

2.1. Chinese local government financing, 1994-2014 

Two defining events for local government debt in China occurred in 1994. The first one is the 

1994 Tax Sharing Scheme which determines how local and central governments share the tax 

revenues. Consequently, a large share of Chinese fiscal revenues is shifted from local governments 

to the central government, as local governments receive only about 30% of tax revenues while 

most tax revenues go to the central government.7 The second major event is the 1994 Budget Law, 

which requires local governments to keep a balanced budget and prohibits direct borrowing in any 

forms (e.g., bank loans or bond issuances). After 1994, the major income for local governments in 

China is from limited shared tax revenues and fiscal transfers from central government. Under 

these two changes in 1994, local governments have very limited fiscal incomes and no direct 

financing sources (till 2014 when China enacted new budget law). 

Another Chinese characteristic relevant to local government debt is the promotion system of 

government officials. Instead of being elected, local government heads are appointed by higher 

level government approximately every five years. Besides the other factors such as age and 

education, the promotion of local politicians in the Chinese system is based principally on local 

economic performance such as GDP growth (e.g., Li and Zhou (2005)), which in turn is driven 

mainly by investment (domestic consumption has become a more important element only in recent 

years).8 Local government officials are responsible for developing local economy including the 

improvement of infrastructure which is also essential for their career advancements. Even though 

they are required to keep a balanced budget and are prohibited from borrowing, resource-

constrained local governments are motivated to create other ways to finance and invest in local 

projects.  

2.2. Local government financing vehicles 

To circumvent the borrowing restrictions imposed by the 1994 Budget Law, local 

governments started to set up corporations (often special purpose vehicles) to raise off-balance 

                                                            
7 See Tsui (2005) and Xu (2011) for discussions on the 1994 tax reform in China. 
8 In 2013, a modified performance assessment scheme was announced by the Organization Department of 
the Central Committee of the Communist Party of China. After this, besides GDP growth, other factors 
would also be considered in promotion decisions such as environmental protection.  
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sheet debt for them with the appearance of commercial activities. These corporations are typically 

fully owned by the local governments and are commonly known as local government financing 

vehicles (LGFVs). The most prominent early example is in Wuhu City of Anhui Province, which 

established its Urban Construction Finance Company in 1998.9 Wuhu Urban Construction Finance 

Company obtained loans from the China Development Bank. The loans were collateralized by 

land injected by the Wuhu City government. Moreover, the local government guaranteed the loans 

by using the fiscal revenues of the entire city, as approved by the local People’s Council. Since 

then, almost all cities have followed the “Wuhu Model” and established their own LGFVs to 

borrow from the CDB and other banks (see Chen (2012) and Sanderson and Forsythe (2013)).  

Although the debt of LGFVs is ultimately backed by local governments, it is not part of the 

balance sheet of local governments. In other words, local governments borrow via LGFVs, and 

these loans are off-balance sheet until the new Budget Law in 2015. 10 Figure 1 illustrates such 

financing methods of local governments after 1998 Wuhu model. Without the borrowing from 

LGFVs, local governments can fund only their local expenditures by using limited tax revenues, 

transfers from upper level governments, or profits from local state-owned enterprises. With 

LGFVs, local governments can finance new projects, especially large ones that require billions of 

RMBs to complete. Given the economic growth and booming real estate market in China, the land 

collaterals are embraced by the lending banks. The land can be more valuable after the local 

community is well developed and can be sold by local governments for debt repayments. 

[Place Figure 1 about here] 

Under the promotion incentive scheme in China, local governments borrow massively via 

LGFVs to support local expenditures and investments to fuel the economic boom in China. Figure 

2 shows that local governments in China have tripled their off-balance sheet debt from 2002 to 

2014, growing at an annual rate of above 9.6%. The growth of local government debt is especially 

                                                            
9 The first local government financing vehicle is often referred as Shanghai Municipal Investment, which 
was established in 1992 to fund the development of newly launched Pudong Economic Zone. Shanghai 
Municipal Investment issued 500 million RMB 2-year 10.5% bond in April 1993. 
10 China revised the Budget Law in September 2014 to allow local governments to borrow directly. Our 
sample ends before the new law entered into effect in January 2015. 
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prominent since 2008. In 2014, the local government debt amount reached 24 trillion RMB and 

the local government debt to GDP ratio reached to 37.2%. 

       [Place Figure 2 about here] 

 There are three main financing sources for LGFVs: bank loans, bond issuance, and shadow 

banking such as trust funds. Within bank credit, policy loans from the CDB accounts for the lion’s 

share, as commercial banks were not enthusiastic about lending to local governments before 2008. 

Figure 3 shows, on average, the CDB contributed to approximately 50% of the bank loan debt of 

municipal governments. In November 2008, the central government in China initiated the four-

trillion economic stimulus package. Since then, commercial banks have dramatically increased 

their lending to LGFVs and CDB’s share has decreased. Chen, He and Liu (2017) calculate that 

the abnormal amount of bank loans to LGFV after the four-trillion program (i.e., in 2009) is 2.3 

trillion RMB. The CDB was much less aggressive than commercial banks during four-trillion. In 

particular, the CDB contributed only 0.26 trillion whereby commercial banks contributed 2.06 

trillion RMB.11  In June 2010, the State Council suddenly stopped the four-trillion program and 

commercial banks started to pull back the lending to LGFVs. The CDB continued to provide credit 

and its share started to bounce back after 2010. Moreover, the maturity of CDB loans is typically 

longer (the median is 8.2 years) than maturity of commercial bank loans (the median is 2.6 years). 

LGFVs usually use CDB loans as their long-term financing resource and use commercial bank 

loans mainly for operation purposes. This makes the CDB a more important financial source for 

LGFVs. In this paper, we consider the LGFVs as the tool of local governments for raising money. 

The relationship we explore is between the borrowers (i.e., LGFVs) and banks which is essentially 

the relationship between local governments and banks.  

[Place Figure 3 about here] 

Figure 4 shows the patterns of LGFV bank loans and bond issuances over time. During the 

four-trillion package, LGFVs also increasingly issue “Chengtou” bonds (Chinese name for urban 

construction and investment bonds) in the public debt market. Although the bond market started 

small, it has been growing steadily. In addition, local governments also use shadow banking 

                                                            
11 We further show in Figure 8 that commercial banks were the main sources of credit boom for local governments in 

the four-trillion program. 
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instruments, arranged by banks, such as entrusted loans and trusts (i.e., wealth management 

products to sell to the public) in order to raise funding. However, raising money from the shadow 

banking market accounts for a relatively small fraction of local government financing, especially 

in earlier years. While, regarding the outstanding balances, bank credit is the dominant financing 

resource for LGFVs during our sample period 2007-2013. In particular, bank credit still contributes 

to about 60% of the total LGFV debts in 2013. 

[Place Figure 4 about here] 

There were several major policy changes to China local government debt since 2013. Starting 

in January 2015, the new budget law allows the local government to raise debt directly (e.g., 

municipal bond issuances). At the same time, Chinese government implement the “debt swap” 

program by replacing the short-term LGFV debt with long-term municipal bonds with lower 

interest rates.  

2.3 The unique role of the China Development Bank 

In the same year as the enactment of Tax Sharing Scheme and Budget Law, the CDB was 

established in 1994 for policy lending, helping centralize monetary authority, and hardening 

budget constraints.12 The CDB is directly under the jurisdiction of the State Council, and it has 

authority at the ministerial level (as do the central bank and China Banking Regulatory 

Commission). All the other policy banks and commercial banks are at the deputy ministerial level. 

This gives the CDB more political power than commercial banks. The CDB was initially viewed 

as an extension of the government’s fiscal function. It has the mandate to provide subsidized credit 

for infrastructure and strategic industries in China. In terms of financing, the CDB is entitled to 

receive disbursements from capital accounts and fiscal subsidies from the state budget for key state 

projects. Moreover, the CDB mainly raises funds from bond issuance under sovereign ratings. 

Although the CDB and commercial banks are all state owned, they are very different in many 

aspects. First, as development banks in many other countries, the CDB focuses on undeveloped 

areas and non-profitable industries, such as infrastructure. Commercial banks are profit driven and 

                                                            
12 There are three policy banks in China. In addition to the CDB, the other two are the Export-Import Bank 
of China, which focuses on fostering international trade, and the Agriculture Development Bank of China, 
which focuses on rural areas. 
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prefer to compete in traditional and profitable commercial areas. This is because, as a policy bank, 

the CDB has the agenda of investing in these areas, and the investments are more influenced by 

policy. Thus, as a policy bank, the CDB should be backed by central government and have softer 

budget constraint which leads to higher default rates than commercial banks. However, we find 

the exact opposite in our data.  

Second, the CDB mainly raises money from bond issuance, and it can provide long-term credit 

for infrastructure and strategic industries. For most local politicians, the CDB has been their main 

stable long-term financing source. In contrast, commercial banks provide mainly shorter term 

loans and most actively lend to LGFVs only during the 2008-2010 “four trillion” stimulus program 

for less than two years. Moreover, the CDB’s long-term loan rates have been set lower than those 

of state-owned commercial banks. Although we don’t have interest rate in CBRC loan data, 

anecdotally, the interest rates of CDB loans are approximately 100bps lower than the rates of 

commercial loans on average. This is mainly because CDB’s administrative costs are lower.13  

Third, the CDB has long-term collaborations and relationships with local governments. For 

example, unlike commercial banks, many of CDB’s employees are directly from other government 

departments. In many cities, the CDB, as the main credit provider, collaborates with commercial 

banks to finance major investment projects. Hence, the relationship with the CDB is more 

important for local politicians for the local economic development and their promotions, especially 

after the end of the four-trillion stimulus program in 2010. 

 

3. Data and Summary Statistics 

3.1. Data sources and identifying local government debt 

We use three data sets in this paper. The most important one is a proprietary data set that 

includes all major bank loans that the China Banking Regulatory Commission (CBRC) compiled 

for monitoring and regulatory use. The master data set consists of 7,179,136 loan contracts granted 

by 19 largest Chinese banks to firms with unique organization codes. The CBRC data include all 

borrowers with an annual credit line over RMB 50 million (approximately US$8 million) from 

                                                            
13 The CDB has only provincial branches and city branches at five coastal cities or special economic zones. 
Commercial banks usually have branches in cities, counties, and villages. They have many more branches 
than the CDB. The administrative costs of the CDB are much lower than commercial banks. 
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January 2007 to June 2013, which account for over 80% of the total bank credit in China. On the 

whole, the data cover 161,535 distinct borrowing firms located in all 31 provinces and autonomous 

regions and operating in all of the 20 sectors in accordance with the Economic Industrial 

Classification Code in China. In addition to the comprehensive coverage, the data also contain 

detailed loan-level information including the unique borrowing firm identifier, borrower 

characteristics (e.g., size, leverage and location), lending bank information (e.g., the names and 

location of branches), and loan characteristics (e.g., loan amount, loan maturity, credit guarantee 

providers, internal ratings, issuing date, maturity date on contracts and the final repayment date in 

reality). Thus, we can clearly identify the delinquency of loans. However, the data do not have 

loan interest rates. In China, both deposit and lending rates during our sample period were highly 

regulated by government. The risks would not be fully priced in loan interest rates. 

Our second dataset covers information on local government financing vehicles. We start with 

the official name lists of local government financing vehicles provided by the CBRC. The LGFV 

name list starts in 2010.14 We then manually identify the pre-2010 LGFV names based on the post-

2010 names given that LGFVs typically exist for extended period of time without changing its 

business nature. To improve the matching accuracy, we further manually cross-check the 

borrowing firms’ business scope in the National Enterprise Credit Information Publicity System 

by using their names. In this way, we identify 11,487 local government financing vehicles up to 

2014, for which names, locations, and unique firm identifiers can be matched with our loan data 

set. After matching CBRC loan-level data with the official list of LGFV names, we obtain 5,672 

LGFVs that have loan information covered by the loan data set.  

The third dataset contains local government financial and economic variables. There are about 

300 cities located in 31 provinces and autonomous regions for our sample. Moreover, we manually 

collect information on local government politicians at city-year level, such as mayors’ gender, age, 

education level, career path, and other demographical data. We also track the changes in positions 

for local politicians for our analysis of promotions.  

                                                            
14 To mitigate the risks associated with banks’ lending to local government funding platforms (LGFP), the 
CBRC required banks to review and examine each and every loan to the LGFVs. Notice on Conducting 
Research on Ledger of the Lending to Local Government Financing Vehicles (Yin Jian Ban Fa No.338, 
2010), issued on November 9, 2010. Notice on Further Promoting the Inspection to Loans to Local 
Government Financing Vehicles (Yin Jian Ban Fa No.309, 2010), issued on October 11, 2010.  
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3.2. Data validation 

To assure the accuracy of our data, we compare our data with other publicly circulated data 

regarding local government indebtedness in China. Officially, the National Audit Office of the 

People’s Republic of China (NAO) issued two reports on the snapshot of local government debt 

in 2011 and 2013 for each province. We cross-validate our aggregate CBRC loan-level data with 

these two reports from the NAO.15 

During the “2013 Half-year Work Conference on National Banking Supervision & Economic 

and Financial Situation Analysis”, CBRC Chairman, Shang Fulin, noted that the balance of LGFV 

loans totaled RMB 9.7 trillion by the end of June 2013. In our sample, the 5,672 LGFVs borrowed 

total RMB 7.31 trillion which is smaller. This is sensible because our dataset does not cover small 

LGFVs with a credit line of less than RMB 50 million. Among all 11,487 LGFVs in CBRC list, 

we matched 5,672 LGFVs in our sample which covers 73.5% of LGFVs at the provincial- and 

city-level and 13.6% of LGFVs at the county-level. We cover almost all LGFVs at the provincial- 

and city-level. For county-level LGFVs, our data covers only relatively large LGFVs. Moreover, 

the 2013 NAO report documents that the total amount of outstanding loans to LGFVs is RMB 6.97 

trillion in June 2013 which is close to and even slightly lower than the number in our sample. Thus, 

the 5,672 LGFVs in our sample cover almost all local government bank loans in China. 

The NAO reported that there were 6,576 LGFVs by the end of 2010. In our data, this number 

is 4,857. Even among different government departments, there is no consensus regarding the 

definition of LGFVs or the number of LGFVs. There are two main reasons for this. First, central 

government started to track LGFVs very recently. For example, the first list of LGFVs from the 

CBRC was reported in 2010. Second, different government departments have different lists of 

LGFVs. The China Securities Regulatory Commission (CSRC) did not allow LGFVs under the 

CBRC’s supervision to issue bonds in the capital market. This induced local governments to 

endogenously choose between the CBRC and the CSRC. Moreover, many new LGFVs were 

founded in order to borrow from both banks and the bond market. The existence of these LGFVs 

                                                            
15 We have also considered other data sources, such as news report by government-owned media and 
speeches or interviews by government officials in order to further check the quality of our data. For example, 
we compare our CBRC loan data with an internal CDB report in 2013. At the end of 2012, our data and the 
CDB report have very similar numbers of outstanding loan amounts from each of the big 4 commercial 
banks and the CDB.   
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makes it more difficult to track the real numbers of LGFVs. For example, the People’s Bank of 

China (the central bank) in its “2010 regional financial operation report” estimated that there were 

about 10,000 LGFVs nationwide, and the CBRC reports that there are 9,828 LGFVs. In fact, there 

were few clear and executable criteria for identifying LGFVs. The State Council released a circular 

on strengthening local government financing platform management issues to improve the 

coordination among four ministries and commissions (i.e., Development and Reform Commission, 

Ministry of Finance, People's Bank of China and CBRC) in order to better manage the situation. 

The 2013 NAO report contains data for each province in China, which allows a geographic 

comparison between our data and the NAO aggregate statistics. We first aggregate our loan-level 

data to calculate the outstanding loan amount for each province. There are 31 provinces in China 

including the centrally administrated cities (i.e., Shanghai, Beijing, Tianjin and Chongqing). The 

NAO report included 30 provinces in total (Tibet was the one excluded). We then compare these 

30 provinces between our CBRC data and NAO report and plot the provincial debt amounts from 

NAO report and the loan amounts from CBRC data.16 Because our proprietary loan-level data from 

the CBRC is collected directly from the banks (lender side) and the data in NAO report is collected 

from the local governments (borrower side), the good match between these two data from the 

lenders and from the borrowers assures us the quality of our data and the reliability of our findings.   

3.3. Default patterns of China local governments 

Table 1 shows the summary statistics for the CBRC loan-level data between January 2007 and 

March 2013. In year 2007, there are a total of 2,380 LGFVs borrowing 23,150 loans, which 

amounts to for RMB 1.3 trillion in terms of newly originated loans. Moreover, for each LGFV, on 

average, it borrows 540 million RMB with about 10 loans from 2.3 banks in 2007. The LGFVs 

increased their borrowing dramatically 2009, almost doubling the number and amount of loans 

from 2008. The total amount of outstanding loans for LGFVs increased to RMB 7.7 trillion in 

2010 and dropped sharply afterwards. This is due mainly to the 4-trillion RMB stimulus package 

implemented from November 2008 to June 2010. Further, each LGFV borrows 8 loans per year 

from 2 banks on average. One interesting pattern concerns maturity. From 2007 to 2013, the 

average maturity of loans increased from 3.4 years to 4.1 years.  

                                                            
16 As shown in Figure A1, these two data series align very well. The R-square from a simple linear fitting is 
80% (correlation between these two data series is about 0.9). This further confirms the good quality of our 
data from CBRC.  
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[Place Table 1 about here] 

 

LGFVs borrow from the CDB and commercial banks.17 These two sources are quite different, 

as we discussed in Section 2.3. Table 2 shows the unconditional loan default patterns across 

different dimensions. In China, there is no materialized default of corporate loans and bonds until 

2014 (partially due to the soft budget constraint and partially due to the good economic 

performance). Therefore, delinquency is a more proper measurement of loan performance. 

Specifically, we use the standard 90-days delinquency as the cut-off to define a default. Since 

many new loans in our sample have not reached their expiration date, we exclude these loans and 

select only the loans with maturity dates before March 30, 2013 (the end of our sample period).  

We compare the default ratios between the CDB and the commercial banks and report the 

results in Panel A of Table 2. We separate the loans into LGFV and non-LGFV loans. For all CDB 

loans made to LGFVs, the aggregate default ratio is 0.30%, which is significantly lower than the 

default ratio of the commercial bank loans to LGFVs (1.8%). The gap in the default ratio between 

CDB loans and commercial bank loans to LGFVs is large and significant. In contrast, for non-

LGFV credit, difference in the default ratio between the CDB and other commercial banks is not 

significant. Both the CDB and commercial banks have default ratio around 0.9%. This shows that, 

for LGFV credit, CDB loans perform significantly better than commercial bank loans. However, 

for other loans (e.g., corporate loans for non-LGFVs), the CDB performs similar to commercial 

banks. This suggests that the local government might play a role in the different default behaviors 

between CDB loans and commercial bank loans to LGFVs.  

Panel B shows the unconditional default patterns across different loan-, borrower-, city- and 

politician-characteristics. For example, for loan size, we separate our sample based on the median 

value of loan size and compare the default ratio for each subgroup. We find that the LGFVs are 

more likely to default on loans with larger amount and the difference is statistically and 

economically significant. In particular, the default rate of loans with issuance amount below or 

equal to the median is 1.2% and the default rate of loans with size above median is 2.0%. The 

difference is 0.8% with 9.44 T-statistics. We also find that loans with better ex ante internal credit 

                                                            
17 Table A1 in the Internet Appendix reports all the commercial banks covered in our sample and the distributions of 

number of loans and total amount of loan across different banks. 
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rating from loan officers have lower default ratio and that the LGFVs with larger assets and lower 

level of leverage have lower default ratio.18 The LGFVs located in more corrupted areas show 

higher default ratio, which suggests such institutional factors also play a role. Moreover, the 

LGFVs at lower hierarchy (i.e. county/city level local government financial vehicles) have higher 

default rate. In addition, LGFVs controlled by cities with fiscal deficit exhibit higher default rate. 

Specially, northeast China have highest credit risk. We also find that politicians with promotion 

outcome in the future have fewer default loans.          

 

[Place Table 2 about here] 

 

3.4. Distribution analysis of local government debt 

We further document the heterogeneity of LGFVs’ borrowing across different industries and 

regions. Figure 5 plots the industry distribution of the amount of new loans for LGFVs and non-

LGFVs during the period from 2007 to 2012. Panel A shows that for LGFVs, the investments 

focus on infrastructure, real estate, retail, and leasing industries. Moreover, there is a clear spike 

in loan issuance in 2009 due to the four trillion stimulus package. Panel B presents the results for 

non-LGFV loans. In contrasted with those to LGFVs, the loans to non-LGFVs mainly flow into 

the manufacturing industry. Moreover, new issuances to non-LGFVs have been increasing 

overtime. Although there is a jump in 2009, new loan issuances continue to grow after the pull 

back of the four-trillion program which is due to the continually growing economy in China. This 

clear difference in credit flows to LGFVs and non-LGFVs is consistent with the nature of the four 

trillion RMB program, which mainly targets infrastructure and local government investments. 

These different patterns double confirms our identification of LGFVs. 

[Place Figure 5 about here] 

Figure 6 shows the local government debt-to-GDP ratio across provinces in China. We 

aggregate the loan amounts at the provincial level and divide by provincial GDP. Overall, many 

rich provinces (e.g., Zhejiang and Jiangsu) have higher debt-to-GDP ratios because they have 

greater borrowing capacities. Moreover, some undeveloped provinces also have high debt-to-GDP 

                                                            
18 The internal credit ratings for bank loans follow CBRC five-category standard, with 1 being the best rating while 5 

being the worst. 
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ratios. For example, both Hainan and Qinghai have high debt-to-GDP ratios and their debt is 

mainly from the CDB (see Figure A3 in the Internet Appendix).19 The CDB has mandate to focus 

on undeveloped provinces where commercial banks try to avoid. The projects in these areas are 

usually not profitable and with negative NPVs. Local governments often use the money from land 

selling to pay back the loans for these negative NPV projects or even for projects without any cash 

inflows (e.g., public roads). This lending mandate of the CDB should lead to worse loan 

performance, but we find the opposite in Table 2.  

 [Place Figure 6 about here] 

4. Empirical Results   

4.1 Loan delinquency and funding sources  

We first conduct multivariate regressions of loan defaults on individual loan characteristics 

including lender identifies (CDB versus other commercial banks). The dependent variable is the 

default indicator and the main independent variable is the CDB dummy. We control for other loan 

characteristics, as well as firm×year fixed effects. The logistic regression is: 

Default𝑖 = α + 𝛽1𝐶𝐷𝐵𝑖 + 𝐶𝑜𝑛𝑡𝑟𝑜𝑙𝑖 + 𝐹𝑖𝑥𝑒𝑑 𝐸𝑓𝑓𝑒𝑐𝑡𝑠 + 𝜖  (1) 

where Default is the indicator for whether loan i has been delinquent for more than 90 days. CDB 

is the dummy for whether the loan i is from the CDB.  

Table 3 reports the estimation results from the logistic regressions. In Column 1, we control 

for loan characteristics (e.g., the loan size, maturity, whether the loan is guaranteed by a third party, 

and bank internal rating) as well as LGFV characteristics (e.g., total assets and leverage), year 

fixed effects, industry fixed effects, and region fixed effects. In Column 1, the coefficient estimate 

of CDB is -2.757 which is statistically significant at the 1% level. This means that, unconditionally, 

CDB loans are 85% less likely to default than commercial loans. This finding is consistent with 

the results of the univariate analyses documented in Table 2 (commercial bank loan default rate is 

                                                            
19 See, for example, Figure A3 in Appendix. Moreover, Figure A2 in Appendix shows that the CDB (policy bank) 

appears to have a different focus than commercial banks across regions in China. Figure A4 shows the dollar amount 

of debt outstanding in December 2010 for each province. Generally, the LGFV loan amount-to-GDP ratio is low in 

eastern coastal areas, which are usually richer. Moreover, the city of Chongqing stands out, which is in line with a 

recent report by Moody’s in 2014. 
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1.8%, CDB is 0.3%, which is close to (1-85%)*1.8%=0.27%). Moreover, we find significantly 

positive coefficients on both the loan guarantee dummy and bank internal rating, suggesting that 

the loans requiring guarantee and viewed more risky by the lending banks are more likely to default. 

Large LGFV loans are more likely to default than small loans. This could be due to the fact that 

during the four-trillion RMB stimulus package, banks (both the CDB and commercial banks) made 

bigger loans to local governments. These loans were relatively short term (usually the maturity is 

less than three years) and did not perform well. Loans for LGFVs are ultimately backed by local 

governments so that the financial ability of local governments could also affect the default ratio. 

In Column 2, we further control for local economic variables such as the GDP, local expanse to 

revenue ratio, local real estate sales to GDP ratio. The coefficient of the CDB dummy is -2.852 

which is significant a 1% level. We also include the number of corruption cases of each province 

(the number of top officials prosecuted, following Ang, Bai and Zhou (2016)), and it is positively 

associated with default. This is in line with the conjecture that loans from more corrupted places 

default more.20  

If the CDB always selects borrowers with better quality to make loans, then it will not be 

surprising that CDB loans have lower default rate ex post. To take loan quality issue into 

consideration, in Column 3, we include the firm fixed effects to absorb any firm specific level 

effects on loan performance. Furthermore, in Column 4, we include the firm×year fixed effects to 

eliminate any firm specific time trend. The coefficients of CDB remain significantly negative in 

Column 3 and 4. This means for the same LGFV at the same year, loans from the CDB perform 

significantly better than loans from commercial banks. This eliminates any demand side shocks of 

borrowers (e.g., profitability, financial needs, capital structure, and geographic location with 

different investment opportunities) that could potentially explain the low default rates of CDB 

loans since the variation in Column 4 is within firm-year and across different banks. Moreover, 

we show in Table A2 that the CDB result is the same when we use 180-day delinquency to define 

loan defaults. 

[Place Table 3 about here] 

                                                            
20 Corruption in government was pervasive in China. Many government officials receives bribes from banks in variate 

forms (e.g., Agrawal, Qian, Seru, and Zhang (2015)). The recent anti-corruption campaign in China has significant 

impact on the economy (see Lin, Morck, Yeung, and Zhao (2016) for detailed discussion). 
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We further consider the possibility that even within a firm, the CDB might be able to select 

better projects than commercial banks. In Table 4, we perform the propensity score matching based 

on loan characteristics (i.e., internal loan ratings, loan size, maturity, and third-party guarantee) to 

minimize the difference in observable characteristics between loans issued by the CDB and those 

issued by the commercial banks. We use a 1:1 nearest-neighbor propensity score matching 

approach originally developed by Rosenbaum and Rubin (1993). Specifically, the propensity 

scores are estimated based on a probit regression of whether the loan is from the CDB on loan-

level characteristics as well as industry and year fixed effects.   

After having the propensity score, we perform a nearest-neighbor matching without 

replacement. For each loan from the CDB, we find a matched loan from commercial banks in the 

same industry and same year. In Table A3, we report the diagnostic tests of the propensity score 

matching. Panel A reports the pairwise comparisons of the variables on which the matching is 

performed (except for industry and year indicator variables). The t-statistics of mean difference 

are reported in parentheses. Mean difference of loan characteristics in post-match sample turns to 

be insignificant, which suggests that the matching is good. On matched sample, we repeat the 

regressions in Table 3 to compare the default rate of CDB loans and commercial loans with similar 

characteristics and possibly for the similar investment projects. The coefficients are quite similar 

to those estimated in Table 3. For example, column (1) shows that the coefficient of CDB is -2.067 

(Z-statistic= -6.57) while the corresponding coefficient in Table 3 is -2.757 (Z-statistic= -9.77). 

Other columns from (2) to (4) in Table 4 also confirm that our baseline results continue to hold in 

the propensity score matching analysis.  

[Place Table 4 about here] 

Moreover, In Table A4, we repeat the same analysis on non-LGFV loans and the default rates 

between the CDB and commercial bank loans are statistically indifferent which is consistent with 

the comparison of unconditional default rates between these two in Table 2. This further suggest 

that the CDB might not be able to pick the better projects which leads to the lower default rates 

than commercial banks. Local governments probably play a role in CDB’s low default rates of 

LGFV borrowing.  
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In sum, the CDB has significantly lower default rate than commercial banks. This result is 

very robust under many different specifications. This is a surprising result because policy banks 

are not profit driven and often finance low or negative NPV projects that have positive externalities. 

For commercial banks, maximizing profits and shareholder value is their key goal. Moreover, 

policy banks are often regarded of having a soft budget constraint. Thus, the CDB should have a 

higher default ratio and more nonperforming loans. In contrast, our data shows the opposite for 

local government borrowing.  

The better performance of policy loans is also prominent in many other countries besides 

China. Figure 7 shows the differences in non-performing loan (NPL) ratios between development 

financial institutions (DFIs) and non-development finance institutions (non-DFIs) across the globe. 

NPL ratio of DFIs is around 2% which is much lower than the NPL ratio of non-DFIs which is 

approximately 5%. This better performance of development bank loans we document in this paper 

is a widespread phenomenon globally.  

 

[Place Figure 7 about here] 

In Table 5, we add interaction terms between the CDB dummy and several loan- and borrower-

characteristics to explore the heterogeneity of loan performance across borrowers and across 

investment projects. In column (1), the coefficient of interaction term between CDB dummy and 

infrastructure dummy is -0.118 which is significant a 10% level. Infrastructure is the most 

important investment area for local governments and CDB’s role is more prominent in 

infrastructure investment. To measure the local government fiscal condition, we include a dummy 

Fiscal Deficit indicating whether the total amount of government expenditure bypasses the total 

amount of government revenues. In column (2), we interact the CDB dummy with the Fiscal 

Deficit and the interaction term coefficient is -2.638 which is significant at 1% level. This suggests 

that more credit constraint cities tend to default less on CDB loans since the CDB credit is more 

important for them. Moreover, in column (3), LGFVs at lower hierarchy level (e.g., county level) 

which are normally more credit constraint are more likely to default in commercial banks rather 

than CDB. Taken together, these results support the hypothesis that local governments give the 

CDB priority for loan payment, especially when the CDB plays more important role in their 

financing.  
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 [Place Table 5 about here] 

4.2. Selective default by local governments 

In this section, we show how the lower delinquency rate for CDB loans is engineered, due to 

the possibility of selective default which is not prohibited by Chinese bankruptcy law.21 Our focus 

is on the differential treatment of different loans to the same borrowers (i.e., same local 

governments or same LGFVs). The CDB, being a government agency, often has good, long-term 

relationships with local governments. For example, the CDB helped Wuhu City to establish the 

first financing vehicle in 1998 and continued to lend to Wuhu ever since. The relationship with the 

CDB is valuable for LGFVs since the CDB is at the ministerial level and provides stable long term 

credit to many local governments. Between the CDB and commercial banks, if local governments 

value the CDB relationship more, they will aim to avoid defaulting on CDB loans. This could lead 

to a lower default rate for CDB loans to LGFVs. 

Most countries have bankruptcy laws to enforce pari passu. That is, loans of same seniority 

have to be treated equally. Moreover, all loan contracts include cross-default clauses. Default on 

one loan would automatically trigger default on all other debt. However, China does not practice 

formal bankruptcy law, and there is no law for government default (such as that in Chapter 9 of 

U.S. Bankruptcy Law). Anecdotal evidence suggests that many local governments do not want to 

default on CDB loans and choose to default on commercial bank loans first. 

To test it formally, we first select the LGFVs which have defaulted on their bank loans. There 

are 761 LGFVs defaulted in their commercial bank loans. Then, in the default year, we select these 

LGFVs’ CDB loans which are also due in the same year as defaulted commercial loans. 89 LGFVs 

have both defaulted commercial bank loans and CDB loans due. Among these CDB loans, we find 

that the default probability is only 2.3%.  In other words, for LGFVs with default, they usually pay 

off 97.7% of their CDB loans. Condition on default, the distressed local governments still pay off 

almost all their CDB debt. This is the suggestive evidence of selective default for local government 

debt. 

                                                            
21 In fact, there is no bankruptcy law on municipalities in China yet. 
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We also perform regressions to test this selective default behavior of LGFVs. To begin with, 

we explore the selective default evidence at the local government level. We select the loans that 

satisfy two criteria, i.e., the borrowers have expiring loans and at least one default occurs for any 

local government financing vehicles owned by the same local government. In other words, 

whenever there is any LGFV default in a city (either CDB loans or commercial loans), we select 

all LGFV loans in this city which are due in the default year into our sample (both CDB loans and 

commercial loans). We choose city level because many LGFVs are backed by city governments 

in China. If a city is in distress, all the LGFVs in that city could be affected. The city politicians 

can choose to default on some of their loans and pay off the others.  

We regress the default dummy on CDB dummy and control variables. The regression results 

are reported in columns 1 to 3 of Table 6. The coefficient on CDB dummy is -2.530 in Column 1. 

This means that when a city government (with both CDB and commercial bank loan due) defaults 

on their loans, the chance that this city government defaults on the due CDB loans is 5.6% less 

than on its due commercial bank loans. Moreover, the results are very robust across different 

regression specifications. In particular, in Column 3, we control for firm×year fixed effects to 

absorb all firm specific time trend and the coefficient of CDB is -1.809 at 1% significant level. 

These findings suggest when a city is in financial distress and has to default on their loans, the 

politicians usually choose to default on commercial bank loans rather than their due CDB loans. 

These also suggest that, for local politicians, the relationship with the CDB is more valuable than 

with commercial banks.  

[Place Table 6 about here] 

       Furthermore, we explore the selective default behavior within LGFV. A city usually has 

multiple LGFVs which usually focus on different types of investments. In columns 4 to 6 of Table 

4, we perform the same regressions as in columns 1 to 3 by selecting loans at LGFV level. In 

particular, we tease out all the LGFVs with a default history and select the loans of these LGFVs 

that are due within the same year as the default loans (including the default loans). We regress the 

default dummy on CDB dummy as well as on loan, LGFV, and city characteristics. The CDB 

dummy, again, has significantly negative coefficients. This confirms our selective default story at 

the borrower level. When a LGFV is in trouble, it would choose to default on commercial bank 
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loans first. These results suggest that, in China, local governments or local politicians are reluctant 

to default on CDB loans and choose to default on commercial bank loans first.  

4.3. Political influence in local government borrowing and repayment 

          In this section, we explore the reasons behind the selective default behavior we document in 

section 4.2. In particular, we look at the consequences of deferred loan payment on local 

government future financing. Moreover, politician career concerns could potentially explains why 

the CDB has a lower default ratio than commercial banks. Political power plays a key role in many 

places, including China, especially with respect to local economic growth. In China, the 

promotions of local politicians depend highly on local GDP growth. The CDB is the main funding 

source of LGFVs and can provide long-term credit to help the local economic developments and 

the politicians’ career advancements. Politicians aim to avoid defaulting on CDB loans in order to 

maintain a good relationship with the CDB, as this could help them obtain more loans in the future 

and increase their chance of promotion. 

4.3.1   Loan default and new loan issuance 

Table 7 shows the heterogeneity of loan accessibility across banks after borrowers have 

delinquent loans. Panel A shows the OLS regression results of loan issuance amount on whether 

the LGFV has outstanding delinquent loans from that bank. The dependent variable is Log(Loan 

Amount), the natural logarithm of new loan issuance granted by bank j to LGFV i at month t. In 

Column (1), the coefficient of dummy Outstanding Delinquency for whether the LGFV has any 

delinquent outstanding loans for the bank is -0.063 at 1% significant level. This suggests that banks 

would reduce lending to the LGFV significantly when there are late payments of this LGFV. When 

a LGFV default on a bank, it might lose the future financial access from this bank. Moreover, as 

shown in Column (3), the interaction term between CDB and Outstanding Delinquency is -0.018 

at 10% significant level while the interaction term between Big Five and Outstanding Delinquency 

is 0.015 at 10% significant level. The 12 joint-equity commercial banks are the missing category 

in the regressions. This contrast suggests that compared with commercial banks, the CDB would 

punish the LGFVs more severely by cutting the lending. All model specifications include 

firm×year fixed effects which eliminate the specific time trend of each LGFV. The variation we 

capture is within LGFVs per year and across different banks. This shows that even within the same 
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LGFV, the CDB would have bigger punishments than commercial banks when there are delinquent 

loans. Since the CDB is politically more powerful and is a more important long-term financial 

source for LGFVs, it can enforce a striker punishment and a harder budget constraint. These 

findings consistently provide supportive evidence on the reasons for selective default behaviors of 

LGFVs and the low default ratios of the CDB.  

 [Place Table 7 about here] 

4.3.2 Bank loans and political career 

We further explore why politicians care for the relationship with the CDB and for the future 

financial continuation. Consistent with other studies, we find that career concerns of politicians 

play a role. How politicians advance their careers is an interesting and complicated issue in China 

due to lack of real elections and control of the China Communist Party. Prior studies find that local 

politician promotion in China heavily depends on local GDP performance. For example, Li and 

Zhou (2005) show that the likelihood of promotion of provincial leaders increases with their 

economic performance, and Ru (2017) finds that CDB loans are positively correlated with city 

secretaries’ promotion chances, especially for loans issued during the early years of city secretaries’ 

tenures. 

We obtain data on the top politician profiles and merge them with the CBRC loan data. We 

then conduct several tests on the value of relationships with the CDB in promoting economic 

growth and enhancing politicians’ promotion chances. The GDP growth rate is calculated at city 

level during each politician’s tenure and we define the promotion as a city secretary moves to a 

higher position in the political hierarchy.22  The regressions of Table A7 are at the politician term 

level. In column (1), we find that local GDP growth is positively associated with the CDB loan 

issuance. In column (2), we regress the local GDP growth on the ratio of CDB loan issuance over 

total bank loan issuance during the politician’s term. The coefficient is significantly positive. This 

suggest that, compared with loans from commercial banks, CDB loans might have stronger 

positive effects on local economic growth. Next, in column (3) and (4), we perform regressions of 

promotion probabilities of local politicians on the borrowing from the CDB. We find that CDB 

                                                            
22 Promotion opportunities that lie ahead for city secretaries include provincial party secretary, provincial governor, 

executive vice governor, vice provincial party secretary, membership in the standing provincial committee and other 

higher-ranking positions in provinces or the state council. 
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loan issuance and the ratio of CDB loan issuance to total bank loan issuance are positively 

associated the local GDP growth.  

These are consistent with the results of prior studies and re-confirms that CDB loans are 

important for local GDP performance as well as the promotion chances of local politicians. As we 

discuss above, the CDB is the major provider of long-term stable credit to LGFVs. This is essential 

to local economic growth and to the promotion of the politicians.  

4.4 Selective default and “four trillion” stimulus 

This section discusses the impact of two policy shocks related with financing dependence on 

the CDB, i.e. four trillion stimulus package and the follow up tightening policy. These two policy 

shocks can be viewed as exogenous events which affect the financing dependence of LGFVs on 

the CDB. By using these two policy shocks to perform the standard Difference-in-Difference 

analysis, we establish the causal effects of bank relationships on the selective default strategy. 

In November 2008, the State Council of China announced a plan to invest four trillion RMB 

(about US$570 billion) in key areas (e.g., infrastructure, housing, health and education), as well as 

to loosen access to credit and cut taxes.23 This 4-trillion RMB package aimed to boost and stabilize 

the economy as a result of the impacts of the economic slowdown in the U.S. and Europe. The 

central government provided only RMB 1.2 trillion.24 The rest of the funding was reallocated from 

local governments’ budget which led to a boom of LGFV borrowing. Specifically, Figure 4 shows 

that between January and June 2009, the total amount of new loan issuance to LGFVs reached 

above 2000 billion RMB. This represents about a 185% increase from the last 6 months of 2008. 

We note that the “four trillion” number is nominal. The actual number may be significantly higher 

(some argue that it may be nine trillion or more). 

The second shock we explore is the sudden pull back of this four trillion stimulus package 

from LGFVs. The initial plan of the four trillion stimulus was from November 2008 to December 

2010. In June 2010, the State Council suddenly issued No. 19 announcement to implement the first 

official regulation on LGFVs. In this regard, local governments shall use only their fiscal revenue 

                                                            
23 Within this four trillion RMB total package, Public infrastructure composed the largest portion of the package. In 

March 2009, China's National Development and Reform Commission (NDRC) published a breakdown of the funds 

distribution, where 1.5 trillion RMB of the total package was invested in infrastructure. 
24 Financial Times, November 14, 2008. 
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to invest in non-profit public infrastructure projects which lead to a big cut down of their bank 

borrowings. In November 2010, the NDRC announced a detailed regulation to tighten the bond 

issuances of LGFVs. This effectively marked the end of the four trillion RMB stimulus package 

for local governments. 

In Figure 8, we plot the incremental loan issuance between the CDB and other commercial 

banks. On the one hand, the big-five commercial banks dramatically increased their lending to 

LGFVs in 2009 and started to cut down lending in 2011 after the sudden pull back in June 2010. 

On the other hand, the CDB kept increasing its lending to LGFVs after the four trillion package. 

This makes relationships with the CDB very important to local governments after the withdrawal 

of the 4-trillion RMB program.  

[Place Figure 8 about here] 

The sudden pull back of the tour trillion triggered the debt problems of local governments in 

China.25 During the four trillion program, local politicians have more financing sources and take 

advantage of this opportunity to increase infrastructure investments and boost up local economic 

growth in short run for their career advancements. Many new projects initialed in four trillion are 

long-term investments (e.g., infrastructure) and could take years to be completed. However, the 

commercial bank loans issued in four trillions have short maturities. On average, the maturity of 

new LGFV loans issued by commercial banks in 2009 is 4.3 years. In contrast, the CDB provides 

the long-term loans to LGFV in 2009 with average maturity at 7.2 years. After the sudden pull 

back in June 2010, these long term projects financed by short term commercial loans were in 

financial trouble when commercial banks stop lending to LGFVs. The long term and stable 

financial support from the CDB became essential for local governments to finish these projects. 

We compare the changes in default ratios between the CDB and commercial banks before and 

after the four trillion program. Figure 9 plots the default ratio of the loans issued before the program, 

during the program, and after the program. For commercial banks, the default rates significantly 

increase from 1.46% to 2.03% during the four trillion RMB program and continued to increase to 

2.36% after the program. Surprisingly, on the other hand, the CDB’s default rates decreased from 

                                                            
25 Many believe that the stimulus package was a main cause of China’s rising debt problems and has serious long-

term consequences. For example, the Carnegie Endowment argues that China’s debt problems are rooted in the 2008 

stimulus package. http://carnegieendowment.org/2014/09/18/china’s debt dilemma deleveraging while generating 

growth.   
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0.4% to 0.2% during the four trillion program.26 This suggests that the mismatch of long term 

projects and short term commercial loans in four trillion led to bad loan performance. The CDB 

was more cautious during this credit boom and have better loan performance. 

[Place Figure 9 about here] 

We further run the Diff-in-Diff regressions to investigate the impact of these two policy 

shocks on selective default behavior. Based on discussions above, the CDB was less important for 

LGFV financing during the four trillion program since local governments can borrow from 

commercial banks. However, after June 2010, LGFVs were desperate for funding to complete the 

long term projects initialed in four trillion. Only the CDB can provide it which makes the CDB a 

more important funding source for LGFVs. Financing continuation from the CDB became 

essential for local governments to finish their projects. 

 Particularly, we repeat the selective default regressions in Table 4 and add on the two 

dummies of the four trillion program to perform the Diff-in-Diff regressions. The logistic 

regression is: 

Default𝑖 = α + 𝛽1 × 𝐶𝐷𝐵𝑖 + 𝛽2 × 4𝑇𝑟𝑖𝑙𝑙𝑖𝑜𝑛𝑃𝑎𝑐𝑘𝑎𝑔𝑒 + 𝛽3 × 𝑇𝑖𝑔ℎ𝑡𝑒𝑛𝑖𝑛𝑔𝑅𝑒𝑔𝑢𝑙𝑎𝑡𝑖𝑜𝑛 + 𝛽4 ×

4𝑇𝑟𝑖𝑙𝑙𝑖𝑜𝑛𝑃𝑎𝑐𝑘𝑎𝑔𝑒 + 𝛽5 × 𝑇𝑖𝑔ℎ𝑡𝑒𝑛𝑖𝑛𝑔𝑅𝑒𝑔𝑢𝑙𝑎𝑡𝑖𝑜𝑛 + 𝑃𝑟𝑒𝑇𝑟𝑒𝑛𝑑 + 𝐶𝑜𝑛𝑡𝑟𝑜𝑙𝑖 +

𝐹𝑖𝑥𝑒𝑑 𝐸𝑓𝑓𝑒𝑐𝑡𝑠 + 𝜖  (2) 

where “4Trillion Package” is the dummy for whether the loan due date is between November 2008 

and June 2010. “𝑇𝑖𝑔ℎ𝑡𝑒𝑛𝑖𝑛𝑔𝑅𝑒𝑔𝑢𝑙𝑎𝑡𝑖𝑜𝑛” is the dummy for whether the loan due date is after 

June 2010. The treatment group is for CDB loans and control group is for commercial bank loans. 

Again, we control for the year×firm fixed effects. Moreover, we also include two pre-trend 

dummies to test whether the CDB loans and commercial bank loans have the parallel default 

patterns before the four trillion program. Specifically, we include a dummy for 6 month before the 

four trillion and a dummy for 12 month before the four trillion and interactions with the CDB (e.g., 

CDB*Pretrend_6months,  CDB*Pretrend_12months). 

                                                            
26 The difference between the change in the default rate related to the CDB and the change in the default rate related 

to commercial banks is statistically significant for this four trillion RMB package period. 
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As predicted by our hypotheses, credit booming from commercial banks due to the four trillion 

package weaken the role of the CDB in local government financing activities, leading to a weaker 

intention of LGFVs to selective default on commercial bank loans. While after tightening 

regulation policy, commercial banks pulled out and the CDB is probably the only funding source 

of LGFVs. This predicts that intention of LGFVs’ selective default would become stronger. In 

other words, during the four trillion program, local governments would not selectively default on 

commercial bank loans and not give priority to pay off CDB debt. After the four trillion program, 

when the CDB becomes important again, the distressed local governments would do more 

selective defaults and pay back CDB loans first. 

Table 8 shows the results of the Diff-in-Diff regressions which supports these predictions. In 

particular, in column (1), the coefficient of CDB is -2.324 which is significant at 1% level. This is 

consistent with Table 6. Moreover, the coefficient of “CDB*4TtrillionPackage” is 1.113 which is 

significant at 10% level whereby the coefficient of “CDB*TighteningRegulation” is -0.866 which 

is significant at 10% level. This means when the value of financial constitution from the CDB 

decreases during the four trillion period, local governments do significantly fewer selective 

defaults. Whereby, when the value of financial constitution from the CDB increases after the four 

trillion, local governments re-start to do selective defaults and pay back CDB loans prior to 

commercial loans. It is more pronounced than periods before the four trillion. Also, we pass the 

parallel trend test. None of the coefficients of the pre-trend dummies are statistically significant. 

This means, before the four trillion, the default patterns of CDB loans and commercial bank loans 

move parallel and the changes of selective defaults in and after four trillion period are hardly driven 

by demand shocks. In Column 2, we control for the firm×year fixed effects and find very robust 

results as in Column 1. Column 3 and 4 are for the selective default within LGFV. Again, we find 

that there are significantly fewer selective defaults of LGFVs during the 4-trillion program. LGFVs 

re-start their selective defaults by paying off CDB loans first after the sudden pull back of the 4-

trillion in June 2010. 

In sum, the diff-in-diff results in Table 8 shows that increased value of financial continuation 

from a bank leads to the priority for the borrowers to pay off this bank’s debt. As we discussed, 

the CDB is the prominent credit provider for local governments in China and would punish the 

delinquent borrowers by cutting their future financing source. This is a novel mechanism to harden 
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the budget constraint of policy banks to improve loan performance. Moreover, in Table A4, we 

don’t find the priority payment for CDB loans in non-LGFV credit market since normal firms 

don’t depend heavily on the CDB credit and the value of financial continuation from the CDB is 

not as big as for local government borrowing. 

 [Place Table 8 about here] 

 

5. Conclusion 

A large part of the economic growth in China in recent years is driven by investments from 

local governments. Banned from direct borrowing by the 1994 Budget Law and subjected to 

limited tax revenue, local governments use off–balance sheet financing vehicles to raise funds, 

mostly from banks, in order to finance their investments. Such convoluted local government debt 

has engendered substantial concerns. In this paper, we provide the first detailed empirical analysis 

of local government debt in China by using a unique, proprietary, and comprehensive loan-level 

data. These data covers commercial and policy bank loans to local governments over an extended 

time period. A key feature of our data set is that it allows us to identify local government financing 

vehicles (LGFV), which hold governments’ off–balance sheet loans. We find that loans from the 

China Development Bank (CDB) are characterized by remarkably low delinquency rates. In 

contrast, commercial bank loans to LGFVs are characterized by relatively high default rates. These 

results are robust to controls for loan quality and bank-specific debt management practices. 

We find evidence of strategic debt services by Chinese local governments. Financially 

distressed local governments choose to default on commercial bank loans rather than CDB loans. 

Moreover, during the 2008-2010 “four trillion” stimulus program, LGFVs borrowed from 

commercial banks to pay off CDB loans. We show that the career concerns of local politicians 

underlie the selective default behavior since relationships with the CDB are more valuable than 

those with commercial banks for these politicians. Local politicians are more likely to be promoted 

if their local governments obtain more loans from CDB. The role of CDB is especially prominent 

when the central government tightens regulations on local government debt. 
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We have recently witnessed widespread government debt crises around the world including 

Greece, Argentina, and Puerto Rico. Our findings on China local government debt also has broad 

implications for government financing and debt management worldwide arising from fiscal 

decentralization. Chinese governments intervene bank lending through its political system to solve 

the soft budget constraint problem. Such a politics-finance nexus is an alternative debt enforcement 

mechanism. 
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Figure 1: Local Government Financing and Operating Structure. This figure illustrates the typical flows of 

revenues and expenditures of local governments in China. Local governments receive funding from upper level 

governments (e.g., central government) including their share of tax and transfer payments. They also generate other 

incomes from land sales and local assets such as local state owned enterprises. Local government financing vehicles 

(LGFVs) are entities fully owned and operated by local governments. LGFVs raise off-balance sheet funds for specific 

projects from bank loans including the China Development Bank and commercial banks, bond issuances, and shadow 

banking system. 
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Figure 2: Time Trend of Local Government Debt in China. This figure shows the time trend of local government 

debt in China between 2002 and 2014. The solid line with triangles presents the local government debt as percent of 

GDP, shown on the right vertical axis. The bar exhibits the total amount of local government debt (in unit of 1 trillion 

RMB), shown on the left vertical axis. The horizontal axis shows calendar years. 
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Figure 3 : Share of LGFV Outstanding Loans by Different Banks. This figure illustrates the quarterly share of 

LGFV outstanding loans by different banks at city level between the fourth quarter of 2006 and the second quarter of 

2013. The solid line with triangles exhibits China Development Banks (CDB). The solid line with circles exhibits 

Industrial and Commercial Bank of China (ICBC). The dashed line with diamonds exhibits China Construction Bank 

(CCB). The dashed line with cross signs exhibits Agricultural Bank of China (ABC). The dashed line with stars 

exhibits Bank of China (BOC). The dashed line with squares exhibits Bank of Communications (BoCom). The dashed 

line with plus signs exhibits average share of joint equity banks. Loan data are from the China Banking Regulatory 

Commission.  
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Figure 4: Debt Financing to China Local Governments, 2007-2013. This figure plots the semi-annual new debt 

issuance by China local government financing vehicles. The grey bars represent the amount of new issuance of bank 

loans. The dashed line shows the amount of new issuance of urban construction and investment (“Chengtou”) bonds. 

Unit for the vertical axis is in RMB 100 million. Loan data are from the China Banking Regulatory Commission and 

the Chengtou bond data are from Wind database.   
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Panel A: Industry distribution of LGFV loans 

 

 
Panel B: Industry distribution of Non-LGFV loans 

 

Figure 5: Histogram for New Loans to Major Industries, LGFVs versus Non-LGFVs. This figure plots the 

volume of new loans to eight industries with highest borrowing from 2007 to 2012. Industry definitions are from 

Industrial Classification of the National Economy (GB/T 4754-2011) by the National Bureau of Statistics in China. 

The top panel is for loans to local government financing vehicles (LGFVs) and the bottom panel is for loans to non-

LGFVs. The unit for vertical axis is RMB 100 million. Individual loan data are from the China Banking Regulatory 

Commission.  
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Figure 6: Heat Map of China Local Government Debt across Provinces, 2012. This figure illustrates the 

outstanding loan amount to GDP ratios for all provinces in China at the end of 2012. It covers 31 provinces including 

four centrally administrated cities (i.e., Shanghai, Beijing, Tianjin, and Chongqing). Individual loans from China 

Banking Regulatory Commission are aggregated at the province level. 
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Panel A: DFI Assets  

Panel B: NPL Ratios 

Figure 7: Evolution of Development Financial Institutions. Panel A presents the evolution of Development 

Financial Institutions (DFI) assets. The solid line with circles presents the total assets of DFIs in China as percent of 

China’s GDP. The dashed line with triangles presents the total assets of DFIs to GDP ratio across the globe. This 

consists 24 major countries (except China) between 2011 and 2015. In terms of year 2015, the total GDP of these 

countries account for 55% of global GDP. Panel B presents the evolution of NPL (%) of DFIs vs Non-DFIs across the 

globe. The data come from BankScope and restrict to financial institutions with total assets bigger than 5 billion and 

with non-missing NPL data for 2011 to 2015. The solid line with squares presents the NPL of Non-DFIs while the 

dashed line with triangles presents the NPL of DFIs. The horizontal axis shows calendar years. 
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Figure 8: Net Loan Amount to LGFVs, 2008-2012. This figure plots the annual change in outstanding loan balance 

to local government financing vehicles (LFGVs) from 2008 to 2012 for individual banks. Included are six biggest 

LGFV lenders in China: China Development Bank (CDB), Industrial and Commercial Bank of China (ICBC), China 

Construction Bank (CCB), Agricultural Bank of China (ABC), Bank of China (BOC), and Bank of Communications 

(BoCom). The unit for the vertical axis of net loan amount is RMB 100 million. Loan data are from China Banking 

Regulatory Commission are aggregated to bank level. 
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Figure 9: Delinquency Rates of Loans to LGFVs over Three Periods. This figure depicts the delinquency rates of 

loans to local government financing vehicles (LGFVs), separately for China Development Bank and commercial 

banks in China. Statistics are conducted for three different time periods: before November 2008, from November 2008 

to December 2010, and after December 2010. During the second period, China implemented a nationwide 4-trillion 

stimulus package. Loan data are from China Banking Regulatory Commission.  

0.0%

0.5%

1.0%

1.5%

2.0%

2.5%

Before Nov 2008 Nov 2008 to Dec 2010 After Dec 2010

Commercial Banks CDB



43 

 

Table 1: Summary of Loans to Local Government Financing Vehicles by Year 

 

This table presents the summary statistics of bank loan contracts to local government financing vehicles (LGFVs) by 

calendar year. Columns (1)-(7) show summaries for new loans and columns (8)-(10) show outstanding loans. # LGFVs 

is the total number of local government financing vehicles with loans each year. # Issues is the total number of loan 

contracts each year. Total Amount is the total amount of loan balances each year, in unit of 100 million RMB. # Loans 

is the average number of loans for a LGFV each year. Loan Amount is the average total loan amount borrowed by a 

LGFV each year, in unit of 100 million RMB. Avg. Maturity is the average loan maturity across all loans borrowed 

by each local government financing vehicles each year, in unit of years. # Banks is the average number of lending 

banks to a LGFV each year. Loan data sets are from China Banking Regulatory Commission. 

 

 

New Loans  Outstanding Loans 

(1) (2) (3) (4) (5) (6) (7)  (8) (9) (10) 

#  

LGFVs 

#  

Issues 

Total  

Amount #  

Loans 

per LGFV 

Loan  

Amount  #  

Banks 

per LGFV 

   

Total  

Amount 

(Trillion  

RMB) Year 
(Trillion  

RMB) 

(100 Million 

RMB) 

Avg.  

Maturity  

#  

LGFVs 

#  

Issues 

2007 2,380 23,150 1.3 9.7 5.4 3.4 2.3   2,837 37,174 3.1 
2008 2,678 24,296 1.4 9.1 5.2 3.5 2.4   3,248 45,216 3.8 
2009 4,412 47,539 3.5 10.8 7.9 4.0 2.8   4,725 65,693 6.6 
2010 3,772 39,290 2.5 10.4 6.6 4.1 2.3   4,857 73,806 7.7 
2011 2,256 17,564 1.1 7.8 5.1 3.9 2.0   4,520 70,556 7.4 

2012 1,946 14,829 1.0 7.6 5.2 4.0 2.0   4,194 67,216 7.3 
2013 1,733 9,406 0.7 5.4 4.3 4.1 1.7   4,100 65,315 7.3 

All 5,672 176,074 11.5 31.1 20.3 4.1 3.4     
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Table 2: Univariate Analyses on Loan Default 

 

This table presents univariate analyses on the determinants of loan default. Panel A compares the default ratio of loans 

granted by China Development Bank to those granted by 17 commercial banks and performs t-tests and Wilconxon 

rank sum tests to derive the statistical significance in mean difference for two difference samples, i.e. Non LGFVs 

versus LGFVs. Panel B summarizes the default ratio for different subgroups based on loan-level, borrower-level, city-

level and politician-level characteristics. We restrict our sample to loan contracts whose expiration date is prior to Mar 

30, 2013 with the record on whether the loan repayment is late or not. Default is a binary variable which takes the 

value of one if the loan is not repaid over 90 days after loan expiration date. Bank Loan Rating is the internal rating 

by loan officers. Loan Size is the loan amount. Maturity is the loan maturity. LGFV Assets is the borrower size. LGFV 

Leverage is the total liabilities divided by total assets. Local GDP is city-level GDP. Local Estate Invest/GDP is the 

ratio of total real estate investment amount over local GDP. Local Corruption is the severity of provincial corruptions. 

Guaranteed is a dummy indicating whether loan has third-party guarantee. County/City Dummy is to show lower 

hierarchy. Fiscal Deficit is to show local government fiscal condition. Promotion Afterwards is to show whether the 

local politician get promoted after his/her tenure term. Politician Age is to measure the age of politician. Region 

indicates four grand regions in China, Northeast, East, Central, and West. ***, **, * indicate statistical significance at 

the 1%, 5%, and 10% level, respectively.  

 

Panel A: Commercial Banks versus China Development Bank 

 Obs. Default Rate  Obs. Default Rate 

 LFGVs  Non-LGFVs 

Commercial Banks 83,948 1.8%  5,226,036 0.9% 

CDB 5,837 0.3%  7,658 0.9% 

Mean Diff  1.5%***   -0.0% 

T-statistics  18.41   -0.32 

Wilcoxon rank sum test Z-statistics  8.89   -0.17 

Panel B: Defaults across Loan Characteristics 
 N Mean Std. Dev.  N Mean Std. Dev.  Mean-difference T-statistics 

Bank Loan Rating 
≤ 2  ≥ 3    

89,597 1.5% 12.0%  188 22.9% 42.1%  21.4%*** 24.09 

 Smaller than medians  Larger than medians    

Loan Size 53,620 1.2% 10.9%  36,025 2.0% 13.9%  0.8%*** 9.44 

Maturity 53,649 1.4% 11.8%  35,836 1.7% 12.8%  0.3%*** 3.27 

Log(LGFV Assets) 44,797 1.7% 12.8%  44,888 1.4% 11.6%  -0.3%*** -3.63 

LGFV Leverage 44,294 1.3% 11.5%  44,229 1.7% 13.0%  0.4%*** 4.48 

Log(Local GDP) 44,835 1.4% 11.9%  44,850 1.6% 12.5%  0.2%* 1.92 

Local Estate Invest/GDP 45,792 1.7% 12.9%  43,988 1.3% 11.5%  -0.4%*** -4.15 

Local Corruption 54,022 1.5% 12.1%  35,763 1.6% 12.3%  0.1% 0.48 
 No  Yes    

Guaranteed 60,445 1.4% 11.8%  29,340 1.7% 13.1%  0.3%*** 3.78 

County/City Dummy 47,690 1.3% 11.4%  42,095 1.7% 13.1%  0.4%*** 5.19 

Fiscal Deficit 12,439 1.4% 11.6%  77,436 1.6% 12.3%  0.2%* 1.86 

Promotion Afterwards 49,378 1.6% 12.6%  40,407 1.4% 11.7%  -0.2%*** -2.84 

Politician Age 
Age<55  Age≥55    

56,091 1.5% 12.0%  33,694 1.6% 12.6%  0.1%* 1.69 

Region 

 East    Central     

57,506 1.6% 1.2%  14,513 1.5% 1.2%  -0.1% 1.35 

 West    Northeast     

14,334 1.4% 1.2%  3,432 1.7% 1.3%  0.3%*** 2.65 
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Table 3: Loan Default Determinants 

This table shows the Logit regressions of default probability on lending bank plus a set of explanatory variables. The 

dependent variable is the dummy variable indicating whether the loan is default (i.e. over 90 days being delinquent) 

and the main independent variable “CDB” is a dummy variable for whether the loan is granted by the China 

Development Bank or not. We control for loan characteristics: Bank Loan Rating, Loan Size, Maturity, Guaranteed, 

and the main LGFV-level characteristics: Log(Assets) and Leverage. In column 2, we also control for city-level local 

government characteristics: Log(Local GDP), Local Expense/Revenue, Local Estate Invest/GDP, and Local 

Corruption. In column 1 and 2, we control for year-, industry-, and region-fixed effects. Industry dummies represent 

the loan granting industries according to Industrial Classification of the National Economy (GB/T 4754-2011) released 

by China’s National Bureau of Statistics. Based on the data published by China’s National Bureau of Statistics, there 

are four grand regions in China, Northeast, East, Central, and West. In column 3, we replace the firm fixed effects 

with industry- and region- fixed effects and in column 4, we further control for firm-year fixed effects. Robust standard 

errors are clustered by the LGFV. Z-statistics of the coefficient estimates are reported in parentheses. ***, **, * indicate 

statistical significance at the 1%, 5%, and 10% level, respectively.  

 

 Default Probability  

 (1) (2) (3) (4) 

CDB -2.757*** -2.852*** -1.837*** -1.850*** 

 (-9.77) (-10.06) (-5.49) (-5.07) 

Bank Loan Rating 1.141*** 1.078*** 0.344*** 0.475*** 

 (17.72) (16.37) (2.85) (3.31) 

Loan Size 6.675*** 6.750*** 7.134*** 7.324*** 

 (14.74) (14.68) (10.94) (10.20) 

Maturity -0.050 -0.054* -0.119*** -0.119*** 

 (-1.62) (-1.74) (-3.13) (-2.89) 

Guaranteed 0.164*** 0.176*** 0.051 0.021 

 (2.76) (2.96) (0.59) (0.22) 

Log(Assets) -0.190*** -0.184*** -0.160** - 

 (-9.60) (-8.92) (-2.51) - 

Leverage -0.002 -0.004 0.003 - 

 (-0.41) (-0.64) (0.32) - 

Log(Local GDP)  0.144*** -0.227 - 

  (3.70) (-0.73) - 

Local Expense/Revenue  0.088*** 0.022 - 

  (5.42) (0.71) - 

Local Estate Invest/GDP  -3.838*** 0.535 - 

  (-5.97) (0.28) - 

Local Corruption  0.205*** -0.506 - 

  (4.07) (-0.56) - 

Year FE Yes Yes Yes Yes 

Industry FE Yes Yes No No 

Region  FE Yes Yes No No 

Firm FE No No Yes Yes 

Firm*Year FE No No No Yes 

No. Obs.  89,785 89,785 27,960 16,847 

Pseudo. R2 0.054 0.060 0.200 0.238 
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Table 4: Loan Default Determinants with PSM Analyses 

 
This table replicates the Logit regressions of Table 3 based on sample in which loans granted by China Development 

Bank are matched to those granted by commercial banks using the propensity score matching analyses. Using the 

predicted probabilities (i.e. propensity scores) form the estimated probit regressions of CDB dummy on loan 

characteristics (i.e. Bank Loan Rating, Loan Size, Maturity, and Guaranteed), we match each loan from CDB to the 

loan from commercial banks with several restrictions: 1:1 nearest neighbors on the identical industry-year observations, 

caliper equal to 0.01 and without replacement. The PSM diagnostic tests showing both prematch and postmatch loan 

characteristics are reported in Appendix. Based on the matched sample, we run the same model specifications as Table 

3, where the dependent variable is the dummy variable indicating whether the loan is default (i.e. over 90 days being 

delinquent) and the main independent variable “CDB” is a dummy variable for whether the loan is granted by the 

China Development Bank or not. We control for loan characteristics: Bank Loan Rating, Loan Size, Maturity, 

Guaranteed, and the main LGFV-level characteristics: Log(Assets) and Leverage. In column (2), we also control for 

city-level local government characteristics: Log(Local GDP), Local Expense/Revenue, Local Estate Invest/GDP, and 

Local Corruption. In column (1) and (2), we control for year-, industry-, and region-fixed effects. Industry dummies 

represent the loan granting industries according to Industrial Classification of the National Economy (GB/T 4754-

2011) released by China’s National Bureau of Statistics. Based on the data published by China’s National Bureau of 

Statistics, there are four grand regions in China, Northeast, East, Central, and West. In column (3), we replace the firm 

fixed effects with industry- and region- fixed effects and in column (4), we further control for firm-year fixed effects. 

Robust standard errors are clustered by the LGFV. Z-statistics of the coefficient estimates are reported in parentheses. 
***, **, * indicate statistical significance at the 1%, 5%, and 10% level, respectively.  

 
 

(To be continued) 
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Table 4: Loan Default Determinants with PSM Analyses— continued 
 

 Default Probability  

 (1) (2) (3) (4) 

CDB -2.067*** -2.140*** -1.910*** -1.710** 

 (-6.57) (-6.74) (-3.04) (-2.56) 

Bank Loan Rating 1.137*** 0.997*** 1.030* 1.218* 

 (4.37) (3.82) (1.94) (1.80) 

Loan Size 7.510*** 8.069*** 19.462*** 17.000** 

 (4.01) (4.17) (3.49) (2.48) 

Maturity -0.156 -0.149 -0.490* -0.897** 

 (-0.90) (-0.85) (-1.80) (-2.28) 

Guaranteed -0.141 0.007 -1.260* -0.347 

 (-0.35) (0.02) (-1.67) (-0.37) 

Log(Assets) -0.303*** -0.295*** -0.527 - 

 (-3.97) (-3.72) (-1.28) - 

Leverage -0.264 -0.198 -0.478 - 

 (-0.61) (-0.46) (-0.39) - 

Log(Local GDP)  -0.163 2.070 - 

  (-1.11) (0.54) - 

Local Expense/Revenue  0.102** 0.111 - 

  (2.11) (0.75) - 

Local Estate Invest/GDP  1.365 0.303 - 

  (0.63) (0.02) - 

Local Corruption  0.395** -0.321 - 

  (2.06) (-0.78) - 

Year FE Yes Yes Yes Yes 

Industry FE Yes Yes No No 

Region  FE Yes Yes No No 

Firm FE No No Yes Yes 

Firm*Year FE No No No Yes 

No. Obs.  7,092 7,092 523 242 

Pseudo. R2 0.141 0.142 0.489 0.846 
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Table 5: Loan Size, Industry, Fiscal Deficit and LGFV Hierarchy Effect on Relationship 

between Loan Default and Lending Bank Type 

 

This table presents the Logit regression results having interaction terms with loan-level and local government level 

characteristics to investigate the China Development Bank effect. The dependent variable is the dummy variable 

indicating whether the loan is default (i.e. over 90 days being delinquent). Columns (1) reports the regression results 

on interactions between CDB and Infrastructure Dummy, Column (2) reports the regression results on interactions 

between CDB and Fiscal Deficit and column (3) reports the interaction analyses between CDB and County/City-level 

LGFV. Infrastructure Dummy takes value of one if the loan flows into the infrastructure industry and zero otherwise. 

Fiscal Deficit equals one if the total amount of government expenditure exceeds the total amount of revenues and zero 

otherwise. County/City is binary variable indicating whether the LGFV is at the lower political hierarchy, i.e. at city 

or country level. We control for loan-level (i.e. Bank Loan Rating, Loan Size, Maturity, and Guaranteed), LGFV-

level (i.e. Log(Assets) and Leverage), and local-government (i.e. Log(Local GDP), Local Expense/Revenue, Local 

Estate Invest/GDP, and Local Corruption) characteristics. We further control for year-, industry-, and region-fixed 

effects across all model specifications. Industry dummies represent the loan granting industries according to Industrial 

Classification of the National Economy (GB/T 4754-2011) released by China’s National Bureau of Statistics. Based 

on the data published by China’s National Bureau of Statistics, there are four grand regions in China: Northeast, East, 

Central, and West. Robust standard errors are clustered by LGFV. Z-statistics of the coefficient estimates are reported 

in parentheses. ***, **, * indicate statistical significance at the 1%, 5%, and 10% level, respectively.    

 

 

Default Probability 

(1) (2) (3) 

CDB -2.787*** -0.990*** -1.628*** 

 (-7.19) (-2.71) (-4.92) 

CDB*Infrastructure Dummy  -0.118*   

 (-1.82)   

Infrastructure Dummy 0.325***   

 (4.78)   

CDB*Fiscal Deficit  -2.638***  

  (-4.78)  

Fiscal Deficit  -0.030  

  (-0.33)  

CDB*County/City   -2.224*** 

   (-3.71) 

County/City   0.082*** 

   (2.58) 

Loan Controls YES YES YES 

Firm Controls YES YES YES 

City Controls YES YES YES 

Year FE YES YES YES 

Industry FE YES YES YES 

Region  FE YES YES YES 

No. Obs. 89,785 89,785 89,785 

Pseudo. R2 0.064 0.070 0.066 
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Table 6: Selective Default across Banks 

 
This table reports the selective default evidence. The first three columns report the regression results for local 

government selective default and the last three columns report the regression results for LGFV selective default. The 

coefficients are estimated with Logit model. In columns (1), (2) and (3), the sample is restricted to loans in the city-

year with at least one loan default cases, which covers 7,282 LGFV-year observations and 46,732 loan observations, 

where the city has at least one default cases in any bank in that year. In columns (4), (5) and (6), the sample is restricted 

to loans in the LGFV-year with at least one loan default cases, which covers 2,373 loan observations, where the LGFV 

has at least one default cases in any bank in that year. The dependent variable is the dummy indicating whether the 

loan gets default (i.e. over 90 days being delinquent), and the main independent variable is a binary variable that takes 

the value of one if the loan is granted by China Development Bank and zero otherwise. We control for loan 

characteristics: Bank Loan Rating, Loan Size, Maturity, Guaranteed, and the main LGFV-level characteristics: 

Log(Assets) and Leverage. We further control for city-level local government characteristics: Log(Local GDP), Local 

Expense/Revenue, Local Estate Invest/GDP, and Local Corruption. Columns (1) and (4) control for year-, industry-, 

and region-fixed effects, columns (2) and (5) control for year- and firm-fixed effects, and columns (3) and (6) further 

control firm-year fixed effects. Industry dummies represent the loan granting industries according to Industrial 

Classification of the National Economy (GB/T 4754-2011) released by China’s National Bureau of Statistics. Based 

on the data published by China’s National Bureau of Statistics, there are four grand regions in China: Northeast, East, 

Central, and West. Robust standard errors are clustered by LGFV. Z-statistics of the coefficient estimates are reported 

in parentheses. ***, **, * indicate statistical significance at the 1%, 5%, and 10% level, respectively.   

 

(To be continued) 



50 

 

Table 6: Selective Default across Banks— continued 
 

 

Default Probability  

Government Selecting  LGFV Selecting 

(1) (2) (3)  (4) (5) (6) 

CDB -2.530*** -1.486*** -1.809***  -1.671*** -2.782*** -3.096*** 

 (-8.77) (-4.13) (-4.46)  (-4.38) (-5.41) (-4.10) 

Bank Loan Rating 0.987*** 0.338** 0.647***  0.110 -0.340 -0.333 

 (12.05) (2.48) (3.74)  (0.25) (-0.52) (-0.39) 

Loan Size 6.354*** 6.980*** 7.385***  6.786*** 9.449*** 8.311*** 

 (11.47) (8.73) (8.11)  (4.76) (5.17) (3.90) 

Maturity -0.055 -0.141*** -0.148***  0.051 0.035 -0.362 

 (-1.51) (-2.94) (-2.58)  (0.46) (0.16) (-1.17) 

Guaranteed 0.077 -0.173* -0.109  -0.522** -0.308 -0.311 

 (1.13) (-1.73) (-0.95)  (-2.27) (-0.96) (-0.84) 

Log(Assets) -0.261*** -0.137 -0.012  -0.742*** -0.549 -0.321 

 (-11.05) (-1.64) (-0.09)  (-7.81) (-1.46) (-0.61) 

Leverage -0.011 0.003 0.013  -0.067*** -0.040 -0.018 

 (-1.39) (0.22) (0.84)  (-5.47) (-1.09) (-0.36) 

Log(Local GDP) -0.268*** -0.297 -0.056  0.161 -0.038 14.705 

 (-5.18) (-0.70) (-0.11)  (0.93) (-0.03) (0.00) 

Local Expense/Revenue 0.075*** 0.022 0.580  0.016 0.001 18.893 

 (4.24) (0.69) (1.31)  (0.32) (0.01) (0.01) 

Local Estate Invest/GDP -6.556*** 1.100 4.651  0.461 1.777 34.995 

 (-8.66) (0.46) (0.93)  (0.20) (0.18) (0.00) 

Local Corruption 0.429*** -2.895 -34.491  -0.265 18.048 -1.611 

 (6.64) (-1.24) (-0.02)  (-1.42) (0.01) (-0.00) 

Year FE Yes Yes Yes  Yes Yes Yes 

Industry FE Yes No No  Yes No No 

Region  FE Yes No No  Yes No No 

Firm FE No Yes Yes  No Yes Yes 

Firm*Year FE No No Yes  No No Yes 

No. Obs.  46,732 17,950 9,434  2,373 2,373 1,322 

Pseudo. R2 0.092 0.333 0.651  0.123 0.207 0.315 

 

 

 

 

 

 

 

 



51 

 

Table 7: What If Borrowers Have Delinquent Loans? 

 
This table shows the OLS regression of loan accessibility heterogeneity across banks comparing borrowers with 

outstanding delinquent loans to those without. The sample contains 89,553 firm-bank-month observations, in which 

the dependent variable is natural logarithm of loan amounts granted at month t by bank j to borrower i. The 

Outstanding Delinquency is a dummy indicating for borrower i, whether there exists outstanding delinquent loans in 

bank j by the month t. CDB is a dummy that takes value of one if the loan is granted by China Development Bank and 

zero otherwise. Big Five is a dummy that equals one if the loan is issued by the largest five state-owned commercial 

banks. All model specifications also include firm-year fixed effects. Robust standard errors are clustered by LGFV. 

T-statistics of the coefficient estimates are reported in parentheses. ***, **, * indicate statistical significance at the 

1%, 5%, and 10% level, respectively. 
 

 Log(Loan Amounts) 

(1) (2) (3) 

Outstanding Delinquency  -0.063*** -0.061*** -0.070*** 

 (-4.37) (-4.17) (-2.61) 

CDB*Outstanding Delinquency   -0.011** -0.018* 

  (-2.46) (-1.82) 

CDB  0.045*** 0.112*** 

  (6.42) (15.44) 

Big Five Dummy*Outstanding Delinquency   0.015* 

   (1.85) 

Big Five Dummy   0.112*** 

   (30.13) 

Firm*Year FE Yes Yes Yes 

No. Obs. 89,553 89,553 89,553 

Adjusted. R2 0.319 0.358 0.382 
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Table 8: Selective Default and Two Policy Shocks of Four Trillion Stimulus Package 

 
This table shows the analyses on changes of selective default behaviour on two policy shocks associated with four 

trillion stimulus package. The columns (1) and (2) report the regression results for local government selective default 

and the columns (3) and (4) report the regression results for LGFV selective default. The coefficients are estimated 

with Logit model. In columns (1) and (2), the sample is restricted to loans in the city-year with at least one loan default 

cases, which covers 7,282 LGFV-year observations and 46,732 loan observations. In columns (3) and (4), sample is 

restricted to loans in the LGFV-year with at least one loan default cases, which covers 2,373 loan observations, where 

LGFV has at least one default cases in any bank in that year. The dependent variable is the dummy indicating whether 

the loan gets default (i.e. over 90 days being delinquent). CDB is a binary variable that takes the value of one if the 

loan is granted by China Development Bank and zero otherwise. 4-trillion Package is a dummy that takes value of one 

if the loan due date is between November 2008 and June 2010 and zero otherwise. Tightening Regulation is a dummy 

that takes value of one if the loan due date is after June 2010 and zero otherwise. Pretrend_6months=CDB×dummy 

for 6 month before the start of 4-trillion (i.e., from May 2008 to Oct 2008). Pretrend_12months=CDB×dummy for 

months between Nov 2007 and April 2008). We control for both dummies for 6 and 12 month before the 4-trillion. 

All controls presented in Table 6 are included. Columns (1) and (3) control for year- and firm-fixed effects, and 

columns (2) and (4) further control for firm-year fixed effects. Robust standard errors are clustered by LGFV. Z-

statistics of the coefficient estimates are reported in parentheses. ***, **, * indicate statistical significance at the 1%, 

5%, and 10% level, respectively.  

   

 

Default Probability 

Government Selecting  LGFV Selecting 

(1) (2)  (3) (4) 

CDB -2.324*** -2.836***  -1.923** -2.632** 

 (-3.08) (-2.60)  (-2.22) (-2.24) 

CDB*4-trillion Package 1.113* 1.599*  1.061* 1.734** 

 (1.76) (1.75)  (1.83) (2.01) 

CDB*Tightening Regulation -0.866* -1.381**  -0.219** -0.931* 

 (-1.94) (-2.20)  (-2.15) (-1.71) 

4-trillion Package 0.224 -0.745**  0.598 -0.077 

 (0.85) (-2.12)  (1.13) (-0.12) 

Tightening Regulation 0.441 -0.545  0.439 -0.247 

 (1.45) (-1.41)  (0.74) (-0.35) 

Pretrend_6months 2.541 2.873  2.549* 3.414* 

 (1.08) (1.23)  (1.75) (1.94) 

Pretrend_12months 2.182 1.657  12.787 2.159 

 (1.63) (1.14)  (0.02) (1.29) 

Controls Yes Yes  Yes Yes 

Year FE Yes Yes  Yes Yes 

Firm FE Yes Yes  Yes Yes 

Firm*Year FE NO Yes  NO Yes 

No. Obs. 46,732 9,434  2,373 1,322 

Pseudo. R2 0.135 0.173  0.208 0.319 
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Appendix Figures and Tables 

 

 
 

 

Figure A1: Government Debt from China Banking Regulatory Commission and National Audit Office by 

Province, 2013. This figure compares aggregate government debt from China Banking Regulatory Commission (x-

axis) with total government debt reported by National Audit Office (y-axis) at province level in 2013. Units are in 

RMB 100 million. 
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Figure A2: Numbers of Local Government Financing Vehicles across Different Provinces. This figure reports 

the provincial distribution of the number of local government financing vehicles in our sample period from January 

2007 to June 2013. The horizon axis presents the number of local government financing vehicles located in each 

province. The vertical axis depicts 31 provinces plus 6 cities with independent planning status. The data is from the 

China Banking Regulatory Commission.  
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Panel A: Number of LGFVs Borrowing from China Development Bank 

 

Panel B: Percentage of New Loans from China Development Bank over All Commercial Banks 

 

 

Figure A3: Provincial Distribution of LGFVs Having Relationship with CDB. Panel A of this figure presents the 

number of LGFVs borrowing from China Development Bank across different provinces. Panel B depicts the 

proportions (in percentage) of total loan amount granted by China Development Bank over all commercial banks 

across provinces in our sample period from January 2007 to June 2013. The data is from the China Banking Regulatory 

Commission.  
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Panel A: At the end of 2009 

 

 

Panel B: At the end of 2012 

Figure A4: Debt-to-GDP Ratio across Provinces. This figure presents the province distribution of the ratio of bank 

debt to local GDP. Panel A reports the distribution at the end of 2009 and Panel B presents the distribution based on 

the sample of Dec 2012. The bar plots the ratios of total amount of bank loans over local government GDP across 

different provinces while the line depicts the ratios of loan amount from China Development Bank over local 

government GDP. The loan information is from the China Banking Regulatory Commission and the local GDP is 

from China’s National Statistics Bureau.  
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Table A1: The 17 Commercial Banks in Our Sample 

 

This table reports all the commercial banks covered by CBRC loan dataset. # LGFVs is the total number of local 

government financing vehicles. # Issues is the total number of loan contracts.  

 

 All LGFV Loans  LGFV Loans Expired before March 

2013  #LGFVs #Issues  #LGFVs #Issues 

Industrial and Commercial Bank of China (ICBC) 

(ICBC) 
2,074 37,111  1,697 17,856 

China Construction Bank (CCB) 2,645 20,727  1,994 12,496 

Agricultural Bank of China (ABC) 1,812 28,899  1,279 11,639 

Bank of China (BOC) 1,569 15,186  938 4,759 

Bank of Communications (BoCom) 1,427 10,965  1,087 5,994 

Shanghai Pudong Development Bank 1,300 7,634  1,119 4,949 

China Citic Bank 1,190 9,398  1,074 6,806 

Industrial Bank 956 3,933  711 2,867 

China Minsheng Bank 895 5,689  784 4,131 

China Everbright Bank 838 4,714  674 3,341 

China Merchants Bank 728 4,610  624 3,348 

Huaxia Bank 632 2,633  541 1,789 

Ping’an Bank 505 2,581  418 1,792 

China Guangfa Bank 375 2,047  263 1,177 

China Zheshang Bank 255 932  204 513 

Evergrowing Bank 225 670  191 502 

China Bohai Bank 107 312  78 191 
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Table A2: Loan Default Determinants Using 180-day Delinquency 

This table shows the Logit regressions of default probability on lending bank plus a set of explanatory variables. The 

dependent variable is the dummy variable indicating whether the loan is default (i.e. over 180 days being delinquent) 

and the main independent variable “CDB” is a dummy variable for whether the loan is granted by the China 

Development Bank or not. We control for loan characteristics: Bank Loan Rating, Loan Size, Maturity, Guaranteed, 

and the main LGFV-level characteristics: Log(Assets) and Leverage. In column 2, we also control for city-level local 

government characteristics: Log(Local GDP), Local Expense/Revenue, Local Estate Invest/GDP, and Local 

Corruption. In column 1 and 2, we control for year-, industry-, and region-fixed effects. Industry dummies represent 

the loan granting industries according to Industrial Classification of the National Economy (GB/T 4754-2011) released 

by China’s National Bureau of Statistics. Based on the data published by China’s National Bureau of Statistics, there 

are four grand regions in China, Northeast, East, Central, and West. In column 3, we replace the firm fixed effects 

with industry- and region- fixed effects and in column 4, we further control for firm-year fixed effects. Robust standard 

errors are clustered by the LGFV. Z-statistics of the coefficient estimates are reported in parentheses. ***, **, * indicate 

statistical significance at the 1%, 5%, and 10% level, respectively.  

 

 Default Probability  

 (1) (2) (3) (4) 

CDB -2.587*** -2.700*** -1.654*** -1.629*** 

 (-8.78) (-9.11) (-4.87) (-4.36) 

Bank Loan Rating 1.106*** 1.030*** 0.242* 0.344** 

 (15.63) (14.23) (1.84) (2.19) 

Loan Size 6.714*** 6.910*** 7.276*** 7.328*** 

 (13.41) (13.59) (10.01) (9.19) 

Maturity 0.031 0.030 -0.049 -0.058 

 (0.91) (0.86) (-1.16) (-1.28) 

Guaranteed 0.170*** 0.186*** 0.027 0.009 

 (2.59) (2.81) (0.28) (0.09) 

Log(Assets) -0.183*** -0.172*** -0.081 -0.014 

 (-8.31) (-7.48) (-1.10) (-0.14) 

Leverage -0.001 -0.002 0.013 0.012 

 (-0.12) (-0.38) (1.08) (0.90) 

Log(Local GDP)  0.130*** -0.266 0.190 

  (3.02) (-0.74) (0.54) 

Local Expense/Revenue  0.085*** 0.028 -0.248 

  (4.60) (0.84) (-1.61) 

Local Estate Invest/GDP  -4.681*** 0.545 -2.146 

  (-6.47) (0.25) (-0.66) 

Local Corruption  0.205*** -0.407 -0.189 

  (3.69) (-0.43) (-0.16) 

Year FE Yes Yes Yes Yes 

Industry FE Yes Yes No No 

Region  FE Yes Yes No No 

Firm FE No No Yes Yes 

Firm*Year FE No No No Yes 

No. Obs.  84,765 84,765 23,029 14,219 

Pseudo. R2 0.0534 0.0602 0.202 0.235 
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Table A3: Propensity Score Matching Diagnostic Tests 

  

This table presents the diagnostic tests of the propensity score matching. Panel A presents the pairwise comparisons 

of the variables on which the matching is performed (except for industry and year indicator variables) both prematch 

and postmatch. Panel B presents the regression estimates from the Probit model used to estimate the propensity scores. 

The dependent variable in Panel B equals one if the loan is granted by China Development Bank and zero otherwise. 

To preclude the loan project selection, the covariates included in the model are loan-level characteristics, i.e. Bank 

Loan Rating, Loan Size, Maturity, and Guaranteed. This model is estimated to generate the propensity scores for 

matching. The t-statistics for comparison of means tests are reported in parenthesis. ***, **, * indicate statistical 

significance at the 1%, 5%, and 10% level, respectively.  

 

 

Panel A: Comparing Mean Difference  Panel B: Probit Regressions 

Prematch 

 

Postmatch  (1) (2) 

CB CDB CDB-CB CB CDB CDB-CB  Prematch Postmatch 

Bank Loan Rating 1.053 1.472 0.420  1.219 1.246 0.027  1.382*** 0.056 

   (63.44)    (0.70)  (71.30) (1.35) 

Loan Size 0.067 0.068 0.000  0.095 0.098 0.003  3.212*** -0.746** 

   (0.48)    (0.82)  (24.94) (-2.24) 

Maturity 1.568 1.245 -0.324  1.123 1.215 0.092  -0.205*** 0.096* 

   (-26.55)    (1.19)  (-21.46) (1.81) 

Guaranteed 0.334 0.226 -0.107  0.102 0.102 0.000  -0.648*** -0.062 

   (-18.77)    (0.01)  (-29.74) (-1.10) 

Year FE         Yes Yes 

Industry FE         Yes Yes 

No. Obs.  83,948 5,837   3,546 3,546   89,785 7,092 

Pseudo. R2         0.339 0.004 
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Table A4: Placebo Tests on Non-LGFV Loans 

This table shows the placebo tests of default probability on lending bank plus a set of explanatory variables based on 

Non-LGFV loans. The dependent variable is the dummy variable indicating whether the loan is default (i.e. over 90 

days being delinquent) and the main independent variable “CDB” is a dummy variable for whether the loan is granted 

by the China Development Bank or not. We control for loan characteristics: Bank Loan Rating, Loan Size, Maturity, 

Guaranteed, and the main LGFV-level characteristics: Log(Assets) and Leverage. In column 2, we also control for 

city-level local government characteristics: Log(Local GDP), Local Expense/Revenue, Local Estate Invest/GDP, and 

Local Corruption. In column 1 and 2, we control for year-, industry-, and region-fixed effects. Industry dummies 

represent the loan granting industries according to Industrial Classification of the National Economy (GB/T 4754-

2011) released by China’s National Bureau of Statistics. Based on the data published by China’s National Bureau of 

Statistics, there are four grand regions in China, Northeast, East, Central, and West. In column 3, we replace the firm 

fixed effects with industry- and region- fixed effects and in column 4, we further control for firm-year fixed effects. 

Robust standard errors are clustered by the LGFV. Z-statistics of the coefficient estimates are reported in parentheses. 
***, **, * indicate statistical significance at the 1%, 5%, and 10% level, respectively. 

 Default Dummy  

 (1) (2) (3) (4) 

CDB -0.004 -0.004 -0.002 -0.002 

 (-0.53) (-0.74) (-0.66) (-0.48) 

Bank Loan Rating 0.115*** 0.115*** 0.075*** 0.073*** 

 (22.00) (21.96) (16.98) (16.54) 

Loan Size 0.166*** 0.167*** 0.170*** 0.170*** 

 (29.48) (29.74) (26.48) (26.26) 

Maturity -0.004*** -0.005*** -0.007*** -0.007*** 

 (-10.12) (-10.61) (-17.39) (-17.02) 

Guaranteed 0.001*** 0.001*** -0.001** -0.001** 

 (2.74) (2.67) (-2.15) (-2.19) 

Log(Assets) -0.001*** -0.001*** -0.002**  

 (-10.55) (-8.78) (-2.35)  

Leverage -0.000* -0.000* 0.000  

 (-1.79) (-1.71) (0.30)  

Log(Local GDP)  -0.001*** -0.002  

  (-3.99) (-1.48)  

Local Expense/Revenue  0.000* -0.000  

  (1.84) (-0.97)  

Local Estate Invest/GDP  0.000 0.003*  

  (0.08) (1.65)  

Local Corruption  0.002*** 0.002  

  (4.81) (1.14)  

Year FE Yes Yes Yes Yes 

Industry FE Yes Yes No No 

Region  FE Yes Yes No No 

Firm FE No No Yes Yes 

Firm*Year FE No No No Yes 

No. Obs.  5,216,048 5,216,048 5,216,048 5,216,048 

Pseudo. R2 0.0382 0.0468 0.115 0.238 
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Table A5: Loan Evergreening Analysis 

 

This table presents estimation results from OLS regressions. The dependent variable is the total amount of new bank 

loans (Log(New Loans)) and the main independent variable is the total amount of maturing loans at the frim-bank-

quarter level (Log(Maturing Loans)). CDB is a binary variable that takes the value of one is the bank is China 

Development Bank and zero otherwise. We control for LGFV characteristics: Log(LGFV Assets) and LGFV Leverage. 

We also control for city-level local government characteristics: Log(Local GDP), Local Expense/Revenue, Local 

Estate Invest/GDP, and Local Corruption. Some model specifications control for year-, industry-, and region-fixed 

effects. Industry dummies represent the loan granting industries according to Industrial Classification of the National 

Economy (GB/T 4754-2011) released by China’s National Bureau of Statistics. Based on the data published by 

China’s National Bureau of Statistics, there are four grand regions in China: Northeast, East, Central, and West. Robust 

standard errors are clustered by LGFV. Z-statistics of the coefficient estimates are reported in parentheses. ***, **, * 

indicate statistical significance at the 1%, 5%, and 10% level, respectively.   

 

 Log(New Loans) 

 (1) (2) (3) 

Log(Maturing Loans) 0.545*** 0.543*** 0.534*** 

 (74.93) (74.29) (72.56) 

CDB 0.156*** 0.194*** 0.193*** 

 (6.86) (8.29) (8.19) 

CDB*Log(Maturing Loans) -0.114*** -0.157*** -0.165*** 

 (-4.82) (-6.61) (-6.96) 

Log(LGFV Assets) 0.018*** 0.021*** 0.021*** 

 (6.78) (7.76) (7.81) 

LGFV Leverage 0.026*** 0.021*** 0.020*** 

 (7.13) (5.67) (5.47) 

Log(Local GDP) -0.014*** 0.012*** 0.015*** 

 (-3.50) (2.99) (3.47) 

Local Expense/Revenue -0.005* 0.002 0.003 

 (-1.92) (0.89) (1.17) 

Local Real Estate/GDP 0.246*** 0.328*** 0.286*** 

 (4.26) (5.69) (4.39) 

Local Corruption 0.021*** 0.021*** 0.015** 

 (3.75) (3.78) (2.47) 

Year FE              NO              YES              YES 

Industry FE              NO              YES              YES 

Region  FE              NO              NO              YES 

No. Obs.             30,214            30,214 30,214 

Adjusted. R2            0.219              0.247             0.249 
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Table A6: Lending Interactions among Banks 

 

This table reports OLS estimation results on the relationship between LGFV new borrowing and it maturing loans. by 

the CDB and commercial banks. The dependent variable of the first two columns is the net loans from commercial 

banks (the amount of new loans minus the expiring loans), while the dependent variable of the last two columns is net 

loan from the CDB. “Expiring in CDB” is the total amount of loans expiring in CDB and “Expiring in Commercial 

Banks” is the total amount of commercial loans expiring in all other commercial banks. Package is the dummy for the 

4-trillion stimulus package period which is from Nov 2008 to Dec 2010. We control the main LGFV-level 

characteristics: Log(LGFV Assets) and LGFV Leverage. We also control for city-level local government characteristics: 

Log(Local GDP), Local Expense/Revenue, Local Estate Invest/GDP, and Local Corruption. All model specifications 

control for year, industry-, and region-fixed effects. Industry dummies represent the loan granting industries according 

to Industrial Classification of the National Economy (GB/T 4754-2011) released by China’s National Bureau of 

Statistics. Based on the data published by China’s National Bureau of Statistics, there are four grand regions in China: 

Northeast, East, Central, and West. Robust standard errors are clustered by LGFV. Z-statistics of the coefficient 

estimates are reported in parentheses. ***, **, * indicate statistical significance at the 1%, 5%, and 10% level, 

respectively.   

 

 Net Loans from Commercial Banks  Net Loans from CDB 

 (1) (2)  (3) (4) 

Expiring in CDB 0.913*** 0.244**    

 (11.52) (2.21)    

Expiring in CDB*Package  4.764***    

  (8.67)    

Expiring in Commercial Banks     0.008*** 0.016*** 

    (3.01) (4.67) 

Expiring in Commercial      -0.018*** 

        Banks*Package     (-3.72) 

Package 2.890* -6.626***  -0.585** -0.524*** 

 (1.88) (-12.69)  (-2.25) (-4.65) 

Log(LGFV Assets) 2.707*** 2.626***  0.301*** 0.304*** 

 (25.52) (24.77)  (12.60) (12.72) 

LGFV Leverage 1.287*** 1.441***  0.424*** 0.422*** 

 (4.79) (5.38)  (7.38) (7.36) 

Log(Local GDP) 0.616*** 0.681***  -0.135*** -0.137*** 

 (3.69) (4.09)  (-3.76) (-3.81) 

Local Expense/Revenue -0.238*** -0.248***  -0.037* -0.038** 

 (-2.66) (-2.79)  (-1.90) (-1.99) 

Local Real Estate/GDP -0.033 0.646  0.589 0.621 

 (-0.01) (0.25)  (1.05) (1.11) 

Local Corruption 0.668*** 0.676***  -0.216*** -0.216*** 

 (2.80) (2.85)  (-4.23) (-4.22) 

Year FE YES     YES  YES YES 

Industry FE YES YES  YES YES 

Region  FE YES YES  YES YES 

No. Obs.  8,242 8,242  8,242 8,242 

Adjusted. R2 0.210       0.218        0.078       0.210 
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Table A7: Access to CDB Credit and Politician Promotion 
 

This table shows the regression results of politician promotion on the borrowing from the CDB and other banks. Our 

sample covers 657 city-politician-term observations from 2007 to 2012, which includes 276 cities and 572 local 

politicians. We obtain the politician characteristics from CSMAR and manually identify whether the city-party 

secretary gets promotion after his/her term expires. In columns (1) and (2), we define the politician promotion based 

on the position rank, e.g. the secretary is promoted if he/she moves to deputy governor of province, governor of 

province, provincial deputy secretary, and provincial secretary. In columns (3) and (4), we also include the cases when 

the politician moves to a city with higher GDP as promotions. Our main independent variables are Log(CDBLoan) 

and CDB/Total Loan. CDBLoan is the total amount of loans borrowed from the CDB during the politician’s term, and 

CDB/ALL is a ratio of total amount of loans from CDB over the total amount of loans obtained from all the banks 

covered by our loan data during this politician’s term. To control the politician characteristics, we also include the 

gender (Male), age (Age>=50), birth place (Local Politician), education level (High Education) and oversea 

experience (Oversea Experience). Besides, we also include city-government level controls: local government GDP 

(Log(GDP)), the public finance conditions measured by the ratio of fiscal expenditure over fiscal revenues (Local 

Expense/Revenue), and the percentage of Tertiary sector GDP (Tertiary sector/GDP).  Based on the data published by 

The National Bureau of Statistics of China, there are four grand regions in China: Northeast, East, Central, and West. 

All model specifications also include year- and region-fixed effects. Robust standard errors are clustered by city. Z-

statistics of the coefficient estimates are reported in parentheses. ***, **, * indicate statistical significance at the 1%, 5%, 

and 10% level, respectively.   

 

(To be continued) 
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Table A7: Access to CDB Credit and Politician Promotion— continued 

 

 

Local GDP Growth 

  Politician Promotion 

  Rank Based  Rank Plus GDP Based 

(1) (2)   (3) (4)  (5) (6) 

Log(CDB Loan) 0.025***    0.334***   0.252***  
 (5.56)    (3.37)   (2.91)  
CDB/Total Loan  0.003**    0.285*   0.281** 
  (2.18)    (1.90)   (2.10) 

Male 0.026 0.026   -0.594 -0.579  0.143 0.136 
 (1.31) (1.25)   (-1.58) (-1.54)  (0.39) (0.38) 
Age>=50 -0.041*** -0.040***   -1.086*** -1.063***  -0.647*** -0.637*** 
 (-4.25) (-4.13)   (-5.37) (-5.32)  (-3.76) (-3.72) 
Local Politician -0.008 -0.011   -0.122 -0.150  0.242 0.214 
 (-0.82) (-1.05)   (-0.55) (-0.68)  (1.29) (1.15) 

High Education -0.019 -0.014   1.600 1.580  1.682** 1.693** 
 (-0.73) (-0.52)   (1.50) (1.49)  (2.21) (2.23) 
Oversea Experience -0.018 -0.018   -0.309 -0.316  -0.324 -0.318 
 (-1.22) (-1.21)   (-0.95) (-0.97)  (-1.19) (-1.17) 
Local Expense/Revenue 0.001 -0.004   -0.044 -0.135**  -0.023 -0.080* 
 (0.34) (-1.44)   (-0.68) (-2.03)  (-0.47) (-1.69) 

Tertiary sector/GDP 0.000 0.001   0.023* 0.037***  0.006 0.017* 
 (0.06) (1.63)   (1.84) (3.09)  (0.55) (1.68) 
Year Fixed Yes Yes   Yes Yes  Yes Yes 
Region Fixed Yes Yes   Yes Yes  Yes Yes 
No. Obs.  657 657   657 657  657 657 
Pseudo. R2 0.114 0.071   0.122 0.106  0.053 0.045 

 

 


